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ABSTRACT 

 

The current study incorporates drivers for digital payments and technology interfaces as 

additional drivers along with the Unified Theory of Acceptance and Use of Technology 

(UTAUT2) to investigate their impact on online shoppers' Behavioral Intention (BI), In light 

of the Indian government's demonetisation initiative, the study uses digital payment drivers as 

a new force behind online shopping. This research area is unexplored and needs more research 

because there aren't many studies examining how digital payment modes affect behavioral 

intention in developing nations like India. It's one of the first studies to expand on UTAUT2 

by examining digital payment methods as an extra factor influencing online shopping 

behaviour. Chatbots (CBs) and Virtual try-on (VTO) technologies are examples of technology 

interface drivers, included in this study. 

 

In order to determine whether behavioral intention leads to repeat online purchases, this study 

also examines the relationship between sustained intention and behaviour. The research is 

predicated on a survey instrument that employs snowball sampling, obtaining data from 600 

respondents residing in three northern Indian states, namely Punjab, Haryana, and Himachal 

Pradesh. The study gauges the relationship of UTAUT2 drivers, Technology Interface drivers, 

and Digital Payment mode drivers using PLS-SEM with behavioral intention and links it with 

sustained intention. 

 

The findings indicate that UTAUT2 drivers, digital payment modes and technology interface 

drivers are positively are significantly related with behavioral intention. The largest impact was 

caused by UTAUT2 drivers (β: 0.465), which were followed by drivers for digital payments 

and technology interfaces (β: 0.263 and β: 0.211). Additional analysis indicates that Behavioral 

Intention has a favourable effect on Sustained Intention (β: 0.868). The results show that 69.5% 

of the variation in behavioral intention could be explained by the model and with sustained 

intention the explanatory power increases to 75.4%.  The study's findings confirm that in 

UTUAT2 drivers, hedonic motivation, performance expectations, facilitating conditions, and 

habit all have a positive and significant impact on behavioural intention. 

 

According to the study, in order to make online shopping a pleasurable experience, Indian 

managers should implement DPM as a support service. The coefficient for technology interface 
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drivers is relatively lower, suggesting that consumer adoption of these technologies in India 

has not yet reached its peak. In order to help improve the customer experience, efforts to 

convert behavioral intentions into sustained or recurring online purchases could be very 

beneficial. These efforts would also help to establish a robust and dedicated community of 

online sellers. 
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CHAPTER 1 

INTRODUCTION 

 

Online shopping has gained momentum in the digital world, and triggered researchers 

across the globe to analyse the impact of diverse drivers of online shopping on consumers’ 

Behavioral Intention (BI). People from developing economies like India are fascinated by 

the new trend, and marketers of online shopping want to target this wider population to 

enlarge their imprint. A rise in e-commerce has induced retailers to adopt different retail 

strategies to survive. China, the US, and India had a large online shopper base of 140 

million people in 2020 (IBEF 2020), and by 2030, this is expected to be worth USD 350 

billion. Diverse theoretical models have been used intensely by researchers to understand 

the user acceptance behavior of online shoppers. Pioneering research by (Venkatesh et 

al.2003; Venkatesh et al.2012) with the UTAUT(Unified Theory of Acceptance and Use of 

Technology) and UTAUT2 models has impelled others to examine how online shopping 

has been influenced by technology adoption, mode of payment (Tandon and Kiran 2018) 

trust and repurchase intention (Ha et al. 2010; Al-Hattami 2021). There were divergent 

results attributed to slow penetration, preference for physical shopping, and cultural 

differences in studies conducted in developing nations (Kandpal and Mehrotra, 2019). 

 

Recently, various researchers have introduced and validated interactive tools like chatbots 

(Wirtz et al. 2018) and virtual try-on technology (Zhang et al.2019;Tandon 2023) while 

using UTAUT2. Given the increasing impact of technology, retailers could harness these 

interactive tools to gain a competitive advantage in this digitized era. Keeping the above-

mentioned points in mind, this study not only focuses on the variables of UTAUT2, but 

also intends to involve two new constructs, Technology Interface (TI) and Digital Payment 

mode (DPM) drivers, to examine the combined influence of all these drivers on BI. Further, 

it moves to examine whether BI translates into Sustained Intention (SI). Recent revolutions 

in technology and demonetisation drivers have transformed the online purchasing 

landscape in India. The World Bank statistics for India pointed out that 22.2% of Gross 

domestic product) (GDP)emerged from the shadow economy, compared to 12.7% in China 

and 11% in Japan (Schneider et al. 2010; Rajakumar and Shetty, 2016) In view of this 

growing challenge, the government of India announced a demonetisation move. 

Demonetisation, whether successful or disastrous, has at least hastened the pace to shift to 
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an online payment system. Thus, in the present study, along with UTAUT2 drivers, we 

examine how Digital Payment mode (DPM) drivers are casting their impact on BI. Against 

this backdrop, the current study adds value by considering the impact of DPM drivers, too. 

This becomes important in view of researchers like (Muthumani et al.2017) indicating how 

user-supportive payment mechanisms like cash on delivery and return and exchange 

facilities trigger a positive impact on online shopping. The authors of (Tandon et al. 2017) 

introduced pay-on-delivery (POD); however, we are including DPM drivers, because of 

their increased relevance today. The affectionate reaction of people toward any new 

technology is a significant area of research. For broader applicability in emerging 

economies, this study further validates the effect of Technology Interface (TI) drivers on 

BI. These scales have been individually scrutinized in the literature, but we wanted to 

integrate them into this model to present a holistic picture. As e-commerce is developing at 

a faster pace, there is a need for further development of the existing set of literature. The 

current research pioneers consolidating the drivers of online shopping through the lens of 

extending UTAUT2 drivers with TI drivers and DPM drivers to examine their influence on 

BI. Consequently, it was thought to examine whether BI results in SI, as this would help in 

increasing consumers’ links and adding a sustainability perspective to e-business. Further, 

as endorsed by Sambhanthan et al. (2017), business sustainability not only benefits the 

environment but also the organization as a whole. Though discussed in academic forums, 

they lack focus, and academic research on them is still in its infancy. Thus, comprehensive 

research has been undertaken in this study.  

 

As this chapter introduces the research problem, it provides the base of the thesis. Section 

1.1 outlines the research area by giving a brief about the ecommerce and its various aspects 

thereby introducing the topic in general. Section 1.2 talks about the growth and evolution 

of online shopping at a global level. In Section 1.3, current Indian scenario of online 

shopping has been highlighted. Section 1.4 presents the theoretical background and models 

of technology acceptance. Section 1.5 focuses on the objectives of the research. This is 

followed by section 1.6 which presents the rationale of the study. Organization of the thesis 

is presented in Section 1.7. 

1.1 E Commerce 

E commerce has become a global phenomenon due to rapid development of information 

technology (Zabukovšek, 2015). The digital revolution has changed the buyer’s behaviour 
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towards online shopping in a drastic manner. This change is not eventual but is a gradual 

process resulting from various reforms undertaken in India. Further the journey of  e-

commerce has not been less than a roller coaster ride, as often people tried online shopping 

just for fun purpose (Handa et al.2008); rather than having actual intentions of buying the 

product. Distinct transformation was visible, as the perspective of the young generation 

changed towards online shopping and they started taking it more seriously (Handa and 

Gupta, 2014) and now in today's time the height of change is that with Virtual try on, we 

are able to see ourselves in different attires (Tandon, 2023). Bauer et al. (2006) suggested 

that though in e-retail, order is placed online, but the fulfilment has to take place offline. 

Doolin (2004) considers e-tailing as sale of goods and services to customers through 

internet. Dawn and Kar (2011) describes e-tailing as form of retailing where both the sellers 

and buyers meet through electronic medium and they need not to be at same physical place, 

while completing their transactions. Online shopping is a subset of e-commerce. The next 

section focuses on the evolution and development of online shopping in India. 

 

1.2 Evolution and Development of Online Shopping  

Online shopping in India unfolds through several distinctive phases, each characterized by 

notable shifts in consumer patterns, technological progress, and market dynamics: 

 

Emergence of Online Travel Bookings (Early 2000s): The emergence of online travel 

bookings not only simplified the travel planning process, but also laid the foundation for a 

broader e-commerce eco-system in India. It demonstrated the potential for online 

transactions and contributed to changing consumer’s attitudes toward online purchases. 

This period paved the way for the growth of other e-commerce sectors, including online 

shopping, in the country. The concept of online shopping began with the emergence of 

online travel bookings. Websites like MakeMyTrip and Yatra.com gained popularity, 

allowing users to book flights and hotels online.  

 

Entry of Online Marketplaces (Mid-2000s): The entry of online marketplaces in India 

during the mid-2000s marked a significant development in the country's e-commerce 

landscape. This phase was instrumental in expanding the concept of online shopping, and 

it widened e-commerce in India. Around the mid-2000s, online marketplaces like eBay and 

Amazon India (formerly Junglee) entered the Indian market. These platforms initially 
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focused on selling books, electronics, and lifestyle products. The marketplaces served as a 

bridge for Indian consumers to experience online shopping. This also played a pivotal role 

in familiarizing Indian consumers with the concept of online shopping and paved the way 

for the rapid expansion of the e-commerce industry. Over the years, it catalyzed significant 

changes in consumer behavior, seller dynamics, and the overall e-commerce ecosystem in 

India. 

 

Early Adoption of Online Fashion (Late 2000s): The late 2000s witnessed the early 

adoption of online fashion in India, marking a significant phase in the evolution of the e-

commerce industry in the country. During this period, several key developments and trends 

contributed to the growth of online fashion. Online fashion retailers like Myntra and 

Flipkart's fashion section gained prominence. The availability of a wide range of clothing, 

often at discounted prices, attracted a significant customer base. The early adoption of 

online fashion in the late 2000s laid the foundation for the growth of the Indian online 

fashion industry. Over the years, it has continued to evolve, with more players entering the 

market and innovations in technology, logistics, and customer engagement, making it one 

of the most dynamic and competitive segments of the Indian e-commerce landscape. 

 

Shift Towards Mobile Shopping (Early 2010s): The shift towards mobile shopping in the 

early 2010s marked a transformative phase in the evolution of e-commerce, not just in India 

but globally. The proliferation of smartphones and mobile internet access led to a 

significant shift towards mobile shopping. The popularity of mobile apps accelerated the 

pace of online shopping. Mobile shopping revolutionized the way people in India shopped, 

making it more convenient and accessible than ever before. This trend not only changed the 

consumer behavior, but also drove e-commerce companies to adapt to the mobile-first 

approach, leading to a surge in mobile app development and mobile-focused strategies 

within the industry. Mobile shopping continues to be a dominant force in the e-commerce 

landscape in India and across the globe.  

 

Growth of E-commerce Giants (2010s): The growth of e-commerce giants in the 2010s was 

a pivotal development in the Indian e-commerce landscape. Companies like Amazon and 

Flipkart played a central role in shaping the industry and contributed to its rapid expansion 

during this decade. Amazon and Flipkart became major players primarily by investing 

heavily in logistics, warehousing, and technology to enhance their reach and customer 
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experiences. The growth of e-commerce giants also had a significant impact on the retail 

industry, job creation, and the overall economic growth. In present times e-commerce is 

playing an integral role in India's retail sector. 

 

Discount and Festival Sales (2010s): Discount and festival sales events in the 2010s further 

drove the growth of e-commerce in India. These sales events, often characterized by 

significant discounts, exclusive deals, and promotional offers, became a staple in the Indian 

online shopping calendar. E-commerce companies introduced large-scale sales events like 

"The Great Indian Festival" and "Big Billion Days," offering significant discounts and 

exclusive deals during festivals. These sales events played a crucial role in popularizing 

online shopping. The growth of discount and festival sales in the 2010s was instrumental 

in popularizing online shopping in India. It not only contributed to changing consumer 

behavior but also highlighted the potential of e-commerce in the country, leading to 

continuous innovation and expansion in the online retail sector. These sales events remain 

an integral part of the Indian shopping calendar, with similar sales events emerging in 

various sectors, including electronics, fashion, and groceries. 

 

Diversification of Product Categories (2010s): The diversification of product categories in 

the 2010s was a key element in the evolution of e-commerce in India. E-commerce 

platforms expanded their offerings beyond their initial focus, which was typically 

electronics and fashion, to include a wide range of product categories. E-commerce 

platforms diversified their product offerings to include not just electronics and fashion, but 

also groceries, home appliances, and more. This further expanded the customer base. The 

diversification of product categories in the 2010s reflected the evolving preferences and 

demands of consumers. E-commerce platforms recognized the need to provide a wide 

variety of products to remain competitive and meet the diverse needs of their customer base. 

This expansion has continued into subsequent years, with platforms continually adding new 

categories and offerings. 

 

Rise of Payment Gateways (2010s): The rise of payment gateways in the 2010s played a 

crucial role in shaping the e-commerce landscape in India.  Digital payment gateways like 

Pay tm, Phone Pe, and Google Pay became popular, making online payments more 

accessible and secure. The rise of payment gateways in the 2010s paved the way for a 

cashless and digital economy in India. It transformed the way consumers and businesses 
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conducted financial transactions, making online shopping and e-commerce more accessible 

and efficient. This trend continued in the 2020s, with India becoming one of the fastest-

growing digital payment markets in the world. 

 

Expansion into Tier II and Tier III Cities (2010s): The expansion of e-commerce into Tier 

II and Tier III cities in India during the 2010s was a significant development in the evolution 

of the e-commerce industry. Tier II and Tier III cities, smaller towns and urban areas, 

became the focus of e-commerce companies due to several factors. E-commerce companies 

expanded their delivery networks to reach smaller towns and cities, tapping into previously 

untapped markets. The expansion into Tier II and Tier III cities was a strategic move by e-

commerce companies to tap into a previously underserved and rapidly growing market. 

This expansion led to an increase in e-commerce adoption among consumers in smaller 

towns and rural areas, further bolstering the e-commerce industry in India. It also 

contributed to the creation of a more inclusive digital economy, connecting people from 

diverse geographical backgrounds to the benefits of online shopping. 

 

COVID-19 Acceleration (2020s): The COVID-19 pandemic accelerated the growth of e-

commerce in India, just as it did in many parts of the world. The pandemic and the 

subsequent lockdowns and social distancing measures led to significant changes in 

consumer behavior and further boosted the e-commerce industry. The COVID-19 

pandemic accelerated the adoption of online shopping as people sought contact less 

purchasing options. Online grocery shopping, in particular, witnessed significant growth. 

The COVID-19 pandemic not only accelerated the growth of e-commerce in India but also 

fundamentally altered consumer habits. As more people experienced the convenience and 

safety of online shopping, many continued to shop online even as restrictions eased. The e-

commerce industry adapted to these changing dynamics and continued to expand, making 

online shopping a more integral part of the retail landscape in India. 

 

Regulatory Changes (2020s): In September 2021, several regulatory changes were either 

proposed or enacted in the Indian e-commerce industry during the 2020s. These regulations 

were introduced to address various concerns and issues related to e-commerce, including 

competition, data privacy, and consumer protection. The Indian government introduced 

new e-commerce rules and regulations aimed at ensuring fair competition and protecting 

consumers' interests. These regulations have had an impact on the e-commerce landscape. 
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It's important to stay updated with the latest regulatory changes, as the Indian government 

has been actively addressing various aspects of the e-commerce industry to balance 

consumer protection, competition, and the growth of the digital economy. The regulatory 

landscape for e-commerce in India is evolving, and businesses operating in this sector 

should remain compliant with the latest rules and guidelines. 

 

Growth of Hyper local Delivery (2020s): The growth of hyper local delivery in the 2020s 

has been a significant trend in the Indian e-commerce industry. Hyper local delivery refers 

to the delivery of products and services from local stores and merchants to customers within 

a limited geographic area, often within the same city or locality. Hyper local delivery 

services and quick grocery delivery became popular as consumers increasingly turned to 

online platforms for essential goods. The growth of hyper local delivery has transformed 

how consumers access essential products and services, making it a convenient and efficient 

way to meet daily needs. This trend has led to a more dynamic and competitive e-commerce 

landscape in India, with various players trying to offer the best hyper local delivery 

experience to customers. 

 

Sustainable and Ethical Shopping (2020s): Sustainable and ethical shopping has gained 

significant momentum in India during the 2020s. This trend reflects a growing awareness 

among consumers regarding the environmental and ethical impacts of their consumption 

choices. There is a growing trend of consumers seeking sustainable and ethical products, 

which has led to the emergence of online marketplaces and brands focusing on eco-friendly 

and socially responsible products. Sustainable and ethical shopping has become more than 

just a trend; it is a fundamental shift in consumer behavior that reflects a growing 

commitment to responsible and environmentally conscious consumption. This trend has led 

to the emergence of a wide range of eco-friendly and ethically conscious brands and 

products in the Indian market. It also presents opportunities for businesses to align their 

practices with these values and cater to the growing demand for sustainable and ethical 

products. 

 

1.3 Current Scenario of Online Shopping in India 

The evolution of online shopping in India continues, with ongoing advancements in 

technology, changes in consumer preferences, and the e-commerce industry's adaptation to 
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emerging trends and challenges. As more Indians gain internet access and become familiar 

with online shopping, the industry is expected to keep growing and diversifying. With the 

ongoing evolution of technology, changing consumer preferences, and a highly competitive 

market, the online shopping experience in India is expected to become increasingly 

seamless, personalized, and convenient for consumers of all backgrounds and preferences.  

After China and the US, and India had gained a large online shopper base of 125 million 

people in the last three years and by 2030, this is expected to be crossing 200 million (IBEF, 

2020). 

1.4 Theoretical Background 

One of the most basic and widely used theories for finding determinants of behavioral 

intentions is Theory of Reasonable Action developed by Fishbein and Azjen (1975). Two 

main determinants of a person’s behavior are: attitude and the subjective norm. This was 

followed by the theory of planned behaviour (TPB) by Azjen (1991), which is primarily an 

extension of the previous theory. Two factors discussed above were reconsidered along 

with the third new factor which is perceived control behaviour. Another major development 

came in 1995 by Taylor and Todd, named as Decomposed theory of planned behaviour. 

According to this theory attitude, subjective norm and perceived behaviour control are the 

crucial factors that affect behavioural intention and the actual behavior of the consumer. 

 

Technology Acceptance Model (TAM) as the name suggests was modified version of 

Theory of Reasonable Action (TRA) to find out the users acceptance of information 

systems/technology. The major goal of this model as developed by Davis (1989) was to 

find out crucial factors that explain computer usage among user populations. Basic model 

was developed taking two constructs, viz. Perceived usefulness and Perceived Ease of use. 

Other than these two factors if any other variable was found to be significant affecting user 

behavior it was labelled as an external variable. TAM was modified by Venkatesh and 

David (1995), where attitude was eliminated, as it was no more considered relevant. In the 

year 2000 Venkatesh and Davis came up with the proposal of TAM 2. In the final version 

of TAM 3 experience was taken as a moderator and computer anxiety was taken as 

additional construct. 

 

Wangpipatwong et al. (2008) examined the fundamental factors that affected citizen’s 

continued intention while using e government websites. TAM has been used as a base 
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model and self-efficacy has been empirically tested as an additional factor influencing 

continued intention of the consumer. Web-based survey was employed to collect data from 

614 citizens. Regression results revealed perceived usefulness and perceived ease of use 

enhanced citizen’s continued intention to use e government websites. The findings also 

highlighted the indirect effect of perceived ease of use through perceived usefulness which 

enhanced citizen’s continuance intention. 

 

Lim et al. (2015) uncovered the relationship between subjective norm, perceived usefulness 

and online shopping behavior while taking the purchase intention as a mediator. Gathering 

data from 662 respondents and using AMOS 16.0, the researchers’ highlighted that 

perceived usefulness significantly influenced online shopping behavior. The purpose of 

research by Tandon et al. (2015) was to understand and analyse the role of perceived 

usability and perceived usefulness influencing customer satisfaction towards online 

shopping in India. The scale had been extended to include satisfaction with the ‘Cash-on-

delivery’ mode of payment, persisting in Asian countries. The findings revealed that 

website functionality has a significant and positive impact on perceived usability. 

Additionally, perceived usefulness and perceived usability have a positive impact on 

customer satisfaction. Results helped in validation of the new scale, viz. Cash-on-delivery. 

 

Singh and Srivastava (2018) proposed a model with the help of existing and new variables 

for understanding online shopping behavior. Data collected from 344 online shoppers 

through self-structured questionnaire was analysed with the help of SEM-AMOS. 

Perceived usefulness and Perceived risk emerged as significant predictors of purchase 

intention of online Indian consumers. Achchuthan and Velnampy (2016) investigated the 

antecedents of green purchase intention among young consumers in Sri Lanka. The results 

support that perceived consumer effectiveness had a positive influence on green purchase 

intention. 

 

With the passage of time, research shifted to use of new technologies in e-commerce 

Kasilingam (2020) tried to find out, whether consumers use chat bots while doing shopping 

through smart phones. Taking Technology Acceptance Model (TAM) and Diffusion of 

Innovation (DOI) as base theories, and applying Partial Least Square Structural Equation 

modeling (PLS-SEM) on data collected from 350 respondents, the results supported that  
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perceived usefulness, perceived ease of use, perceived enjoyment, price consciousness, 

perceived risk and personal innovativeness affected the attitude towards chatbots in a 

significant way.  

 

Ashfaq et al. (2020) integrated Expectation Confirmation theory (ECM), Information 

system success (ISS) model, TAM, and the need for interaction with a service employee 

(NFI-SE) and proposed a model  to investigate the drivers of use of chatbots towards user 

satisfaction and continued intention. Empirical evidence reflected that information quality 

and service quality were the significant drivers of customer satisfaction, while perceived 

enjoyment, perceived usefulness and perceived ease of use substantially improved 

continued intention of the consumers. Online shopping has gained momentum in the digital 

world, and triggered researchers across the globe to analyse the impact of diverse drivers 

of online shopping on consumers’ Behavioral Intention (BI). People from developing 

economies, like India are fascinated by the new trend, and marketers of online shopping 

want to target this wider population to enlarge their imprint. A rise in e-commerce has 

induced retailers to adopt different retail strategies to survive. 
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Table 1.1: Related Theories of online shopping  

Supportive literature Key constructs Theory 
Fishbein and Ajzen 
(1975)  

Affect, anxiety  Theory of reasoned 
action  

Bandura (1986)  Behavioral intention, attitude, and 
subjective norm  

Social Cognitive Theory  

Ajzen (1991)  
 

Behavioral intention, attitude, subjective 
norm, and perceived behavioral control  

Theory of Planned 
Behavior  

Davis (1989)  
 

Perceived usefulness and perceived ease-
of-use  

Technology acceptance 
model  

Thompson et al. (1991)  
 

Job-fit, complexity, long-term 
consequences, affect towards use, social 
factors and facilitating conditions 

The model of PC 
utilization  

Davis et al. (1992)  Extrinsic motivation and intrinsic 
motivation   

The motivation model  

Venkatesh and Davis 
(2000)  

Social influence and cognitive 
instrumental process  

Extended TAM2 model  

Venkatesh et al. (2003)  
 

Performance expectancy, effort 
expectancy, social influence and 
facilitating conditions  

Unified theory of 
acceptance and use of 
technology  

Venkatesh et al. (2012) Performance expectancy, effort 
expectancy, social influence, facilitating 
conditions, hedonic motivation, price 
value and habit  

Unified theory of 
acceptance and use of 
technology 2  

Spence (1973)  Trust.purchase Intentions Signalling Theory  
Blumler and Katz (1974)  Intentional use of media consumption; 

social and psychological needs 
Uses and Gratification 
Theory  

Westaby (2005) Consumer’s attitude, behaviour and 
continued intentions 

Behavioural Reasoning 
Theory  

Oliver (1977;1980) Perceived performance. disconfirmation 
of beliefs. Satisfaction 

Expectation confirmation 
theory  

Deci and Ryan (1985) Autonomy, Competence, and Relatedness Self-Determination 
Theory  

 

Earlier research reflected diversity and difference among the researchers, as to which 

constructs should be considered while analysing technology acceptance by the users in 

different fields. Initially the researchers’ used Unified theory of acceptance and use of 

technology (UTAUT) model proposed by Venkatesh et al. (2003) with performance 

expectancy (PE), effort expectancy (EE), social influence (SI), facilitating conditions (FC), 

and user behavior (UB) as major constructs. In the augmented model, UTAUT2, Venkatesh 

et al. (2012) added hedonic motivation (HM), price value (PV), and habit (H). This model 

has been used as a base model in the current study, with some additional constructs, viz., 

Technology interface (TI) drivers (Chatbots and Virtual try-on) and Digital payment mode 

(DPM) drivers.  
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Table 1.2: Variables and their sources 

 
 

Although there is a wide literature on online shopping, yet limited literature is available 

examining online shopping in the context of Demonetisation. Has Demonetisation in India 

been responsible for swift shift towards online shopping is an important question 

demanding immediate attention. Mehta et al. (2016), asserted that despite the emergence of 

digital currency, cash still predominates in many economies, including India. Rani (2016) 

criticized Demonetisation considering it as an adverse situation; however, she mentioned 

that it helped consumers shift towards a cashless economy, e.g., Pay tm, internet banking, 

etc. Kalyani (2016) also corroborated the transition to digital mode after Demonetisation in 

India. Government of India encouraged using digital options for payments (Economic 

survey, 2017). As endorsed by Salim, et al. (2010), technical efficiency of the country is 

highly influenced by the government initiatives. Thus Demonetisation, in India has assisted 

digitization, however, the real challenge still according to Antoniou and Ansoff (2007) is 

technology adoption among all age groups. Youth is leveraged for the promotion of digital 
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literacy (Mahajan and Singla 2017). Demonetisation by the Indian government in 2016 and 

further reforms in internet banking services are positive steps to advance online 

consumerism. This was further supported by Banerjee and Sayyed (2017), who also 

advocated that the Indian economy was moving strongly towards being a cashless economy. 

However, there is still insufficient research covering this important dimension. 

 

The World Bank statistics for India highlight that 22.2% GDP emerges from the shadow 

economy as against 12.7% by China and 11% by Japan (Shetty and Rajakumar, 2016). 

Hence, in India the demonetisation move was undertaken by the government, to wage a war 

against corruption. There is research paper focusing on the level of success of this move, 

however, what is surprising is that it has initiated various researchers to examine whether 

this move has facilitated a shift to digital payments, and across the globe digital payments 

are taken to advance online shopping. 

 

Against this backdrop, the current study adds value by adding DPM drivers as a new 

construct in UTAUT2. This becomes important in view of researchers like (Muthumani et 

al. 2017) indicating how user-supportive payment mechanisms like cash on deliveries 

return and exchange facilities encourage consumers to shop online. Tandon et al. (2019) 

introduced pay in Delivery (POD), however in the current study; we are including DPM 

drivers because of its increased relevance today. Affectionate reaction of the people towards 

any new technology is also the significant area of study. For under-standing the pragmatics 

drivers of Online Shopping with BI, a lot of researchers have been fascinated and are keenly 

working to get a deeper knowledge of this emerging area. Thus, the current study pioneers 

consolidating the drivers of online shopping through the lens of extended UTUAT2. 

Although widely appearing in practices, these issues to the best of my knowledge have not 

received enough attention in academia.  
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1.5 Rationale of the Study 

Catching up e-commerce pace may be difficult, but additional literature and new models 

may assist in better understanding, the factors that influence behavioral intentions of online 

shoppers. Though UTAUT2 through its wide applicability in diverse fields, has helped us 

to explore the factors that influence Behavioral Intention, but to date, we have not been able 

to trace research validating critical drivers influencing consumers’ decisions while 

interacting with new technology (Chu et al. 2022). Chatbots and virtual try-on technology 

are distinct domains of business research signifying the era of digital transformation. 

 

 The field of chatbots is novel and complex, so most of the research has employed mature 

theories like UTAUT2 (Balan 2023). As highlighted by  Antoniou and Ansoff (2004), 

technology adoption by all age groups is a big challenge in developing countries. Regarding 

new technology, the most pertinent point to ponder is the affective reaction of the 

consumers towards technology. Previously, anxiety was considered a latent variable having 

a direct impact on the antecedents of BI (Celik, 2016). Widespread use of digital 

technologies, especially mobile devices, Digital payment mode (DPM) drivers (Gupta et 

al. 2022) and (Technology interface) TI drivers have become essential to achieve business 

success (Gupta et al. 2023). See To et al. (2014) emphasized that prepaid e-cash, debit 

cards, and credit cards expedited online transactions. The Indian government has also 

initiated various steps for easy access and use of financial services. Limited research on 

linking DPM drivers with BI in online shopping induced us to examine this more deeply. 

1.6 Key objectives of the Study 

The major objectives of the present study are: 

O1: To analyse the major drivers of online shopping.  

O2: To analyse the preferred mode of payment for buying online after demonetisation. 

O3: To design a model relating drivers of online shopping and digital payment mode drivers 

with Behaviour Intention.   

1.7 Organization of the Thesis  

The thesis consists of five chapters namely: 1) Introduction; 2) Review of Literature and 

Hypotheses Development; 3) Research Design and Methods; 4) Results and Discussion; 

and 5) Conclusion, Implications and Limitations of the Study. 
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Chapter I: Introduction This chapter embodies a concise introduction to the background of 

this research work and thereby highlights the research problem. The chapter throws light 

on recent trends of online shopping in India. It also presents the need for the study and 

focuses on the objectives of the study.  

 

 Chapter 2: Review of Literature This chapter reviews pertinent literature from various 

sources in order to comprehend various concepts of online shopping, research findings 

related to demonetisation  in India, online shopping and consumer behavior, drivers of 

online shopping, dimensions of digital payment mode and the determinants of behavioral 

intention. The review of literature assists to provide a direction to the research on the basis 

of the theoretical framework of various studies covered for comparison and deeper learning.  

 

Chapter 3: Research Design and Methods The next chapter present chapter discusses the 

research design and methods applied for achieving the objectives. In this chapter, objectives 

of the research have been chalked out clearly along with formulation of hypothesis. It 

mainly focuses on the research design, sampling design, sources of data collection, details 

of questionnaire, reliability and validity test and also defines the research methods used to 

prove the hypotheses of the study. The conceptual model of the research has also been a 

part of this chapter. 

 

 Chapter 4: Results and Discussion The present chapter emphasizes on the findings from 

data analysis. The chapter also covers interpretation of responses to questions collected 

through questionnaire directed to various online customers. The chapter starts with the 

demographic analysis of the respondents and characteristics of respondents followed. PLS-

SEM has been employed to find drivers of online shopping and their impact on behavioral 

intention of the consumers. 

 

 Chapter 5: Conclusion The last chapter covers discussion and discusses the implications 

of the findings to the practitioners, academicians and policy makers. Each research 

objective is revisited and discussed. The limitations of the study and directions for future 

research form an integral part of this chapter.  
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1.8 Concluding Remarks 

The current chapter focuses on the overview, covering development and evolution of online 

shopping in India. The chapter also emphasizes the importance of developing a model that 

not only serves as a valuable guide for managing retail online shopping but also provides 

assistance to young entrepreneurs who aspire to enter into e commerce sector. The next 

chapter is dedicated to a comprehensive review of literature along with the development of 

hypotheses. 
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CHAPTER 2 

REVIEW OF LITERATURE AND HYPOTHESES DEVELOPMENT 

 

The review of the available literature is one of the most important elements of any research 

project. Review of literature is the most significant aspect of the research in the sense it 

helps in finding research gaps and finding statement of the problem. The previous findings 

help in identifying the scope for further research. Thus, it becomes a strong foundation for 

an investigation related to the chosen topic and facilitates theory building.  

 

This chapter reviews the extant literature leading to the development of the research 

hypotheses and the research model. The present chapter particularly reviews the available 

literature on drivers of online shopping. Section 2.2 focuses on analysing consumer 

behaviour towards online shopping in the context of demonetisation in India. In view of 

Demonetisation in India literature supports major impact on online shopping through digital 

payments. This, this study includes Digital Payment mode (DPM) is added as a new driver 

of online shopping. Section 2.3 covers the major drivers of online shopping. These cover: 

UTUAT2 Drivers of online shopping; Technology Interface (TI) drivers of online shopping 

and Digital Payment mode (DPM) drivers of online shopping.  

2.1: Online shopping: Global and Indian Scenario 

 

The past two decades have changed the way of online shopping has been done.  Spread of 

Internet, fast emerging Technology interface; online payment mechanism and modes, along 

with economic changes like liberalised and globalised scenario along with demonetisation, 

all have left their imprint on online shopping. These may also be considered when we are 

examining the online shopping journey of India. Online shopping is gaining momentum 

across the globe now, inducing researchers to analyse various aspects related to online 

shopping. Universally the use of the Internet has significantly enhanced over the past few 

decades, calling for a better understanding of online shopping adoption across countries. 

Developing economies like India are now more eager to adopt online shopping, as analysed 

through various models of technology adoption (Tandon et al. 2018). Following China and 

US, India has a large online shopper base of 140 million in 2020 (IBEF, 2020). By 2030 

online shopping market is expected to reach US$ 350 billion. Consumers prefer to shop 
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online, as it conserves time, is convenient; assists in diminishing travel time and above all 

facilitates price comparisons. Conversely as concluded by Daroch, Nagrath, and Gupta 

(2021) the factors that restrain online shopping include: fear of bank transactions; 

convenience of traditional shopping compared to online shopping; insecurity; insufficient 

product information and lack of trust.   

 

The  conclusion of  study by Ramayah et al. (2020) shows a significant correlation between 

functional and emotional values and their ability to forecast online purchase intention. On 

the other hand, intentions to make online purchases are not predicted by social, epistemic, 

or conditional values. The findings of study by Ngah et al. (2023) showed that online 

retailers' intention to switch third-party logistics providers (3PLs) was negatively correlated 

with satisfaction, and that handling conflicts had a favourable impact on satisfaction. 

Additionally, customer relationship management (CRM) strengthens the inverse 

relationship between satisfaction and switching intention, while satisfaction and CRM 

sequentially mediated conflict handling and switching intention. Norzieiriani et al. (2010) 

offer a broad overview of the research on how lifestyle choices affect consumers' intentions 

to make additional online purchases.  

 

Researchers have been impelled to cover how online shopping has been influenced by 

technology adoption (Venkatesh et al. 2012), POD mode of payment (Tandon and Kiran 

2019), trust and repurchase intention (Tandon et al.2021; Uzir et al. 2021). There were 

diverse results due to slow internet adoption and penetration, preference for physical 

shopping and cultural differences being still prevalent in developing economies. Several 

theoretical models have been used intensely by several researchers to understand the user 

acceptance behavior of online shoppers. 

 

2.2 Consumer behaviour towards online shopping in context of Demonetisation  

Rao et al. (2016) provided insight into sectors anticipated to undergo significant impact, 

specifically agriculture, automobiles, and construction. In a separate study, Rajakumar and 

Shetty (2016) delved into the potential immediate and prolonged economic consequences 

of Demonetisation. Forecasts suggested a decline in interest rates due to a surplus of 

liquidity in the banking system, resulting from the public depositing high denomination 

notes while withdrawing limited amounts. The act of Demonetisation has unmistakably 
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established a backdrop for an impending economic crisis, one that is likely to affect the 

economy unless there is a surge in public spending. 

 

Kaur (2016) analysed short term impact of demonetisation on Indian economy.  Impact on 

black money and corruption, funding elections, gold silver and jewellery, fall in real estate 

prices, digital payments, fake currency seizing, decrease in the interest rates, lower inflation 

are the factors were stressed upon by Kaur (2016). This move can lead to improvement in 

the tax compliance, lower corruption rate and complete elimination of fake currency. Lahiri 

(2016) opined that it is likely that the current cash shortage may have given stimulus to the 

banking habits of the people of India.  This needed further analysis, and thus there was need 

to examine how it influenced online shopping.  

 

Tripathi (2016) discussed the challenges being faced by the rural people, which primarily 

included: weekly withdrawal limit of Rs. 25000/- per week and cash crunch in the banks. 

Furthermore, there was the problem of ignorance about frequent changes in RBI guidelines.  

became a big challenge for the people who had the marriage function before 31st December 

2016. Further, demonetisation was a challenge for the customers of regional rural banks in 

the sense that that they were out of cash, Demonetisation is good, provided the financial 

system is well equipped and prepared for the change. Especially, chest management should 

be ready to crack the liquidity trap.  

 

Banerjee and Sayyed (2017) tried to understand behavior of online shoppers in terms of 

mode of payment post-demonetisation. Outcomes suggest that demonetisation enabled a 

switch by e-commerce players to restricted cash on delivery mode of payment. Further it 

gave opportunity to the online retailers to re-calibrate their business models to boost cash 

less instruments. As an immediate effect of Demonetisation preference of people shifted 

from cash driven transactions to cashless ones (Kalyani 2016, Kaur 2017, Potnuru, 2017). 

2.3 Drivers of online shopping 

2.3.1 Drivers of UTAUT 

Sun et al. (2011) tried to understand Chinese consumers continuance intention towards 

online social networks by proposing integrative model combining flow theory, social 

capital theory and UTAUT. The proposed model was empirically tested with the help of 
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320 Chinese online social network users. The results highlighted that perceived enjoyment, 

perceived usefulness, effort expectancy, social influence, usage satisfaction. tie strength. 

shared norms and trust positively influence continuance intention.  

 

Dharamwirya and Smith (2012) tried to identify the factors that influence the repurchase 

intention of online consumers of Indonesia. The proposed model was empirically tested and 

results confirmed positive influence of performance expectancy and facilitating conditions 

on the repurchase intention of online shoppers. 

 

Yoo and Han (2013) applied UTAUT to capture the effect of various factors affecting 

employees’ intention to use e learning at workplace. Data was collected from 261 

employees and results depicted that attitude towards technology significantly influences 

employees’ intention to use e learning at the workplace. 

 

Gupta and Dogra (2017) stated that the use of mapping apps is still in its nascent stage. 

Data collected from 284 Indian tourists was analysed using PLS-SEM. UTAUT2 was taken 

as base model and the results indicated that the most significant antecedents of behavioral 

intentions are habit, facilitating conditions and hedonic motivation. However, it was noted 

that price value, social influence and facilitating conditions did not exhibit significant 

influence on traveler's intentions while using mapping apps. 

 

Tandon and Kiran (2018) tried to identify factors affecting behavioral intention of online 

shoppers by taking UTAUT2 as the base model. Data was collected from 500 participants 

which was analysed through structural equation modeling. The study validates cash on 

delivery improves online shopping intention, security and privacy along with ease of 

ordering have been introduced as new constructs in the study. Results reveal that 

performance expectancy, effort expectancy, social influence, hedonic motivation, price 

value, security and privacy and ease of ordering show positive results however price value 

and facilitating conditions do not exhibit significant results. 

 

Chang et al. (2019) aimed to uncover the factors that influence the behavioural intention 

and use behavior of the consumers while making online booking for the hotels. While 

taking UTAUT2 as a base model data was administered from 488 respondents through field 

survey. Age, gender and experience were taken as moderators. Factors assimilated from 
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UTAUT2 like performance expectancy, social influence, facilitating conditions, hedonic 

motivation, price value and habit positively influences behavioral intention. 

 

 Saumell et al. (2019) used the extended and expanded version of UTAUT2 to find out 

factors affecting use of mobile applications for hotel reservations Perceived credibility was 

the added construct along with the original constructs of UTAUT2. Data was collected from 

1200 Spanish consumers and analysed through structural equation modelling. Though all 

the factors were found relevant but habit, facilitating conditions and intention was found to 

be significantly related to use. 
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TABLE 2.1. Past Literature on UTAUT AND UTAUT2 

Citation Sector/Field Dependent 
variable 

Theoretical 
foundation 

Drivers of UTAUT Other variables 

Guo and 
Barnes (2011, 
2012)  

Virtual 
world 

Behavioral 
intention, 
Actual 
behavior  

Motivation 
theory, 
transaction 
Cost theory, 
and UTAUT 

Performance 
expectancy, Effort 
expectancy, and 
social influences  

Advancement 
and 
customization 

Hong et al. 
(2011) 

Agile IS Continued 
intention 

Attitude, 
Status quo, 
Omission bias, 
IS continuance 
model 

Social influences, 
and Facilitating 
conditions  

Habit, and 
Perceived 
usefulness 

Lian and Yen 
(2014) 

Online 
shopping 

User 
acceptance 

Innovation 
resistance 
theory and 
UTAUT 

Performance 
expectancy and 
Social Influence 

 value, Risk and 
Tradition  

Miltgen, 
Popovic, and 
Oliveira 
(2013) 

Biometrics User 
acceptance 

Technology 
acceptance 
model, 
diffusion of 
innovations 
and UTAUT 

Social influences 
and Facilitating 
conditions  

Innovativeness, 
compatibility 
trust, Privacy 
concern, and 
Perceived risk 

Sun, Liu, 
Peng, Dong, 
and Barnes 
(2014) 

Social 
networking 

Continuanc
e intention 

Flow theory, 
Social capital 
theory, and 
UTAUT 

Social influence and 
Effort expectancy 

 Perceived 
enjoyment, 
Perceived 
usefulness, 
Strength, Shared 
norms, and Trust 

Wangpipatwo
ng et al. (2008) 

E-government 
websites 

Citizen 
continuance 
intention 

TAM  Perceived 
usefulness and 
Perceived ease of 
use 

Computer self-
efficacy 

Yoo et al. 
(2012) 

E-learning  Intention to use 
to e learning 

Motivation 
theory and 
UTAUT 

Effort expectancy, 
Attitudes, and 
Anxiety  

Performance 
expectancy, 
social influence, 
and Facilitating 
conditions 

Zhou et al. 
(2010) 

Mobile 
banking 

User adoption UTAUT and 
Task 
Technology fit 

performance 
expectancy, social 
influence, and 

Task technology 
fit, 
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facilitating 
conditions  

Li et al. (2018) Charitable 
crowd-
funding 
projects 

 UTAUT performance 
expectancy (PE), 
effort expectancy 
(EE), social 
influence (SI), 
facilitating 
conditions (FC), 
sense of trust  

 Experience 
expectation on 
donors’ intention 
to donate 

Uğur and 
Turan (2018) 

Academic  

e-learning 
technologies 

Behavioral 
Intention 

UTAUT Performance 
Expectancy. Effort 
Expectancy 

System 
interactivity 

Saumell et. al. 
(2019) 

Adoption of 
mobile 
applications 
for restaurant 
searches and 
reservation 

Users’ 
experience 

UTAUT-2. performance 
expectancy, effort 
expectancy, 
facilitating 
conditions, hedonic 
motivation, habit 
and social influence 

Price-saving 
orientation and 
perceived 
credibility 

Jadil et. al. 
(2021) 

m-banking   usage 
intention 
and use 
behavior 

UTAUT Performance 
expectancy. effort 
expectancy and 

facilitating 
conditions 

Culture 

Saprikiset et. 
al. (2022) 

m-banking 
apps 

Behavioral 
Intention 

(UTAUT) with 
ICT facilitators 
and ICT inhibitors  

social influence, 
reward and anxiety  

Reward, security 

Risk, anxiety 

Chang et al. 
(2019) 

online hotel 
bookings 

 

 

 

Use 
behavior 
&behaviora
l intention 

UTAUT2 Performance 
expectancy, social 
influence, 
facilitating 
condition, hedonic 
motivation, price 
value, and habit  

Facilitating 
condition & 
Hedonic 
motivation. 

 

2.3.2 Digital Payment Mode as new driver of Online Shopping 

Digital payment mode is a way of payment where both the seller and buyer use online mode 

and no physical cash is involved. The greatest advantage of digital payment mode is that it 

is easy to use and works on instant basis (Franciska and Sahayaselvi, 2017). In case of cash 
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payments, a study by Boston Consulting Group and Google in July noted that wallet users 

have already surpassed the number of mobile banking users and are three times the number 

of credit card users. These include: Banking Cards; UPI; Mobile Wallets; Banks Pre-paid 

Cards; Point of Sale and Internet Banking. 

 

Digital payment mode embraces many terms, like electronic payments, e-banking, m-

banking, e-cash, online banking and the list is non-exhaustive. Researchers have come up 

with many definitions of electronic payments considering all the relevant features. 

According to Abrazhevich (2004) electronic payment refers to the system where both the 

seller and the buyer with the help of utilisation of available infrastructures engage in any 

sort of financial commitment. In another view point put forth by Briggs and Brooks (2011) 

it is an association between banks and people to make financial transaction successful. 

Further, when for any type of exchange of money if internet as a medium is used, it could 

be termed as online payment (Ogedebe and Jacob, 2012).  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



 
 
 

25 

Table 2.2: Type of Digital Payment System 

 

 
 

 

Gupta et al. (2022) has extended UTAUT2 to find out whether DPM influences decision of 

the consumer while making online purchase along with the initial drivers of online 

shopping. Data was collected from 364 people through self-structured questionnaire. 

Results have validated digital payment mode as a new driver of online shopping.  

 

See to et al. (2014) emphasized the use of prepaid and debit cards long time ago. Then there 

was research by Kabir et al. (2015) covering review of literature from 2010-2015 on the 

adoption of e payments and the results highlighted that both the developing and developed 

nations are embracing the E payments because of efficiency and convenience in the 

financial transactions. Vally and Divya (2018) found out through a survey conducted on 

183 consumers adopting various digital payment methods that there has been exponential 

growth in digital payments because of Digital India initiative followed by  in 2016. Results 
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were analysed using chi square test and suggested that digital payments help in uplifting 

the economy as they bring transparency into the system. Future payment system would be 

indeed cashless transactions (Franciska and. Sahayaselvi,2017). 

 

Khan et al. (2017) tried to find out the present status of online payments at a global level 

by conducting a survey based on secondary data available on online payments in the past. 

Security issues and challenges have been highlighted. Further research highlighted that 

people have more preference for mobile payments in comparison to debit cards and credit 

cards. Leong et al. (2021) by taking UTAUT2 as the base model tried to identify the factors 

that influence E wallet adoption among Malaysian consumers. Data was gathered was 309 

people and was analysed using PLS SEM. The results indicate that the factors viz. 

Performance expectancy, price value, facilitating conditions and social influence 

substantially and positively influence intentions of consumers while using E wallets.  

2.3.3 Technology Interface Drivers 

Recently, various researchers have introduced and validated interactive tools like chatbots 

(CBs)and virtual try-on technology (VTO) [(Zhang et al. 2019), (Tandon et al. 2023)] while 

using UTAUT2. Given the increasing impact of technology, retailers could harness these 

interactive tools to gain a competitive advantage in this digitized era.  Suri et al. (2016) 

found no significant relationship between student discipline and attitudes towards e-

learning, sentiment towards computers, and fear of computers and technology. The study's 

findings also demonstrate that students across all academic disciplines support the 

availability of online access to lectures and e-learning resources. Zhang et al. (2019) tries 

to understand the role of virtual try on technology as a new technology which helps the 

online retailers in fostering the sales. With the integration of hedonic, utilitarian and risk 

perspectives the consumer’s attitude towards VTO has been analysed. Results demonstrate 

that perceived usefulness, perceived enjoyment and perceived helpfulness affect the 

intention of the consumer while purchasing a garment online. Shawar and Atwell (2007) 

by illustrating different kinds of chatbots tried to find out different fields where they could 

find their application. Chat bots could be useful in different areas like education, business 

and e commerce in accordance with the functions they possess. 

 

Smink et al. (2019) compared the advantages and disadvantages of online product 

presentation with the help of augmented reality (AR) in comparison to non-AR product 
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presentation and the results confirmed that AR enriches perceived informativeness and 

enjoyment of the consumer while doing online shopping. Tandon (2023) tried to understand 

the relative significance of interactive technological forces such as chatbots, virtual try on 

technology e-word of mouth experience on behavioral intention of consumers while doing 

online shopping. Both online and offline modes were considered as data was collected from 

362 respondents. Results highlight e word of mouth (e-WOM) as the strongest driver 

affecting the attitude of the consumer followed by the chatbots and virtual try on. 

 

2.4 Behavioral Intention and Sustained Intention 

 
The association between behavioral intention and the factors influencing online shopping 

is rooted in the Theory of Planned Behavior (TPB). According to TPB, behavior is directly 

influenced by behavioral intention, and this intention is shaped by one's attitude. Attitude, 

in turn, represents the individual's feelings of favorability or unfavorability towards 

engaging in a specific behavior. Many studies on online shopping have considered 

behavioral intention as a dependent variable, exploring its relationship with various factors. 

 

2.5 Hypotheses Development 

Consumer behavior for online shopping has been captured through many models of 

technology adoption (Tandon et al. 2018). Due to its wide credence, this research also 

counts on UTAUT2 (Kwateng et al. 2018; Venkatesh et al. 2012) recommended that 

UTAUT2 should be applied in different settings. Earlier researchers have extended the 

model by adding different variables like DPM, E(WOM), attitude, and so on. Though 

Exploratory analysis was conducted on DPM drivers for further analysis. There was no 

need to conduct EFA on the drivers of UTAUT2 (Venkatesh et al. 2003; Venkatesh et al. 

2012). TI drivers have already been validated as new drivers of online shopping (Zhang et 

al. 2019, Tandon 2023). After finding out the factors of DPM drivers, partial least squares 

structured equation modelling (PLS-SEM) was applied to develop the model and 

investigate the inter-relationships among the latent variables. The proposed study tested 

five hypotheses in line with the objectives of examining the possible associations between 

the latent and the outcome variables. Though there has been much research on the UTAUT2 

drivers, there is a dearth of analysis of critical factors that have affected the e-commerce 
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sector in this digital area, and this study, by using DPM and TI drivers, will add more 

insight. 

2.5.1. Drivers of UTAUT2 

Technology integration has always lured researchers across the globe to devise new models 

to explain e-commerce. Ugur and Turan, (2018) investigated the determinants of academic 

e-learning technologies through the UTAUT model. These results supported that PE, EE, 

and system interactivity influenced BI in e-learning, too. (Jadil et al. 2021) used the UTAUT 

base model with meta-analysis examining 127 mobile banking studies. The results 

indicated that culture as a moderator influenced FC and usage intention and PE was the 

strongest predictor of usage intention. 

 

Performance expectancy (PE) relates to using the system to accomplish advantages in job 

performance (Venkatesh et al. 2003). Perceived usefulness in TAM (Davis et al. 1989) 

refers to the conduciveness of users to purchase. PE has been cited and empirically 

examined by (Tandon et al. 2016) and is an important predictor of online shopping. BI is 

significantly and positively influenced by PE in online hotel bookings (Chang et al. 2019). 

Additionally, PE significantly influenced the use of technology in various fields, as 

highlighted by (Saumell et al. 2019). UTAUT was tested for Chinese consumers by Li et 

al. (2018), and the results confirmed that a donor’s intention to donate to various projects 

is significantly affected by PE. Contrary to this, Sareen and Jain (2014) found no significant 

relationship between PE and BI.  

 

Effort expectancy (EE) is the degree of ease associated with the use of the system.EE has 

appeared as the strongest factor influencing online shopping (Yaprakli et al. 2013). On the 

contrary, many other studies, Lian and Yen (2014), Baptista and Oliveira (2015) and Zhang 

et al. (2019) did not have supportive evidence of the impact of EE on BI. Social influence 

(SI) is the degree to which an individual perceives that others believe in the use of the new 

system (Venkatesh et al. 2003). Earlier literature (Yaprakli et al. 2013) highlights a direct 

effect of SI on BI. In UTAUT, the facilitating conditions (FC) refer to knowledge regarding 

shopping online. In contrast, Baptista and Oliveira (2015) reported its adverse impact on 

the use of technology. Hedonic motivation (HM) is associated with pleasure and excitement 

related to the use of technology (Venkatesh et al. 2012). According to Menon and Kahn 

(2002), online consumers respond quickly to promotional incentives. Price value (PV) 
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refers to stipulating value for money, and product availability at rational prices (Venkatesh 

et al. 2012). Behavioral intention is significantly and positively influenced by PV in online 

hotel bookings (Smink et al. 2019). When UTAUT2 was tested for Spanish consumers, 

Tandon, (2021) found that price-saving orientation is significantly related to the use of 

mobile applications for restaurant searches and reservations. BI is affirmatively influenced 

by habit in online hotel bookings (Chang et al. 2019). Habit is an important predictor of 

Behavioral Intention. Saumell et al. (2019), concluded that habit is significantly associated 

with the use of mobile applications for restaurant searches and reservations.  

 

The associated hypotheses are as follows: 

H1: UTAUT2 drivers (performance expectancy (PE), effort expectancy (EE), social 

influence (SI), facilitating conditions (FC), hedonic motivation (HM), price value (PV), and 

habit (H)) are positively related to the Behavioral Intention of online shoppers. 

H1a: Performance expectancy (PE) is positively related to the Behavioral Intention of 

online shoppers. 

H1b: Effort expectancy (EE) is positively related to the Behavioral Intention of online 

shoppers. 

H1c: Social influence (SI) is positively related to the Behavioral Intention of online 

shoppers. 

H1d: Facilitating conditions (FC) are positively related to the Behavioral Intention of 

online shoppers. 

H1e: Hedonic motivation (HM) is positively related to the Behavioral Intention of online 

shoppers. 

H1f: Price value (PV) is positively related to the Behavioral Intention of online shoppers. 

H1g: Habit (H) is positively related to the Behavioral Intention of online shoppers. 

Next, we moved to Technology Interface drivers, presented in Section 2.5.2. 

2.5.2. Technology Interface Drivers 
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TI results in efficient and effective online interactions between technology systems and 

customers. This study proposes that it is essential to understand how TI influences the BI 

of online consumers and further affects SI. TI covers two dimensions, chatbots and virtual 

try-on technology. Smink et al. (2019) examined the effect of virtual try-on (VTO) 

technology on brand responses and personal data disclosure. Kasilingam (2020) tried to 

understand the various constructs of the TAM model on attitudes toward chatbots and the 

intentions of mobile shoppers. Lian and Yen (2014) examined the effect of various 

predictors along with chatbots on the satisfaction level of users. The results reveal that in 

the future, chatbots will play a vital role in satisfying digital users. Results indicate that 

VTO does not show a significant effect on trust. Thus, there are mixed results; while studies 

do indicate the importance of chatbots, there is still a need to investigate this profoundly. 

This gains importance in view of people becoming more tech-savvy. 

Chatbots 

We have many assistants today like Siri and Alexa. Chatbots are frequently used today, in 

education and investment, for opening an investment app, or for IELTS booking. They are 

available 24/7. It has been empirically validated by (Danckwerts et al. 2019) that the 

intention to purchase can be stimulated through collaborative and interactive systems and 

devices. Chung et al. (2010) suggested that assistance through chatbots enriches customer 

satisfaction. Still, more research is needed to recognize how chatbots impact online 

shopping and whether chatbot conversation accelerates BI (Sampson and Chase, 2020) 

Virtual Try-On Technology 

Lured by Lenskart’s advertisement for virtually trying on different glasses and ordering 

online, the customers want more such things to happen. E-retailers introduced virtual try-

on technology to help online shoppers try out different combinations of dresses, cosmetics, 

glasses, etc. (Lin and Wang, 2016, Zhang et al. 2019). Such technology is infectious for 

online clothing retailing. Beck and Crie (2018), regards VTO technology to be positively 

associated with a customer’s buying behavior and also confirmed its positive impact on 

perceived usefulness. 

The existing literature examines the impact of UTAUT2 drivers on BI for online shoppers, 

but the impact of DP and TI drivers on BI has been under-researched. The increased pace 

of Internet penetration facilitated the adoption of digital payments in online shopping. With 

new technologies like CBs and VTO, there is a need to examine how TI is influencing BI. 
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Thus, the present study sought to understand the integrated impact of UTAUT2, DP, and TI 

drivers on BI. It also tried to investigate whether BI positively influences SI. 

H2: Technology Interface drivers are positively related to Behavioral Intention. 

H2a: Chatbots are positively related to Behavioral Intention. 

H2b: Virtual try-on (VTO) is positively related to Behavioral Intention. 

2.5.3. Digital Payment Drivers 

Digital technologies are shaping the manner in which retailers and customers are going to 

transact in the future (Yen et al. 2017). Tandon et al. (2018) validated the role of the cash-

on-delivery (COD) mode of payment as a construct and a new dimension to UTAUT2. The 

role of willingness to change in mediating the relationship between organism-representing 

variables and m-payment app adoption was examined by Chakraborty et al. (2023). The 

results of the multi-group analysis demonstrated that, social influence had a negative and 

non-significant impact on the adoption of mobile payments in the single group, it had a 

positive and significant impact on the married group. However, as technology improved, 

COD as a mode of payment was being replaced by other digital payment modes. DPM 

expedites the use of e-payment for online transactions. Moving further, DPM has been 

validated as a new construct of online shopping influencing BI (Gupta et al. 2022). This 

highlights the passion for using new payment modes. The related hypothesis is as follows:  

H3: Digital Payment mode drivers are positively related to Behavioral Intention. 

2.5.4. Sustained Intention 

Venkatesh et al. (2003), the Unified Theory of Acceptance and Use of Technology 

(UTAUT) draws from various theoretical frameworks, including the Theory of Reasoned 

Action (TRA), the Technology Acceptance Model (TAM), the Motivational Model, the 

Theory of Planned Behavior (TPB), a combination of TBP/TAM, Innovation Diffusion 

Theory (IDT), and Social Cognitive Theory (SCT). Notably, Performance Expectancy (PE) 

aligns with perceived usefulness in TAM, Effort Expectancy (EE) corresponds to perceived 

ease of use in TAM, Social Influence (SI) is akin to subjective norms in TAM 2, and 

Facilitating Conditions (FC) encompasses perceived behavioral control of TAM-TPB. 
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Researchers have extended the application of UTAUT to new contexts and diverse cultural 

settings such as China, Iran, and India. The earlier UTAUT model did not explicitly address 

the use of technology for hedonic motives (HM). Recognizing this gap, Venkatesh et al. 

(2012) introduced HM, Perceived Value (PV), and habit (HAB) into UTAUT2. These 

additions significantly contributed to improving the explained variance in Behavioral 

Intention (BI) by 56–74% and technology use by 40–52%. 

 

According to Ajzen (1991), stronger intentions often lead to the performance of a task. A 

positive consumer attitude toward a product is linked to repurchase and, consequently, 

Sustained Intention (Pavlou and Fygenson, 2006; Tsai and Huang, 2007; Wang and Head, 

2007). 

H4: UTAUT2 drivers, Technology Interface drivers, and Digital Payment drivers are 

positively related to Behavioral Intention, which positively and significantly influences 

Sustained Intention. 

H5: Behavioral Intention is positively related to Sustained Intention. 

2.6 Chapter Summary 

The studies in this chapter have investigated the drivers of online shopping, facets of digital 

payment drivers and studies related to behavioral intention with regard to technology 

interface drivers. But a comprehensive model covering all the aspects related to online 

shopping is missing not only Indian context but also in western context. Previous reported 

research on online retailers in India is dolefully scarce, as such very limited literature is 

available which may shed light on this phenomenon. Thus, the assimilation of extended 

UTAUT2, digital payment drivers as well as technology interface drivers has been 

integrated with the intention to derive a model applicable to developing economies. 

Through the present study online retailers would be able to detect the vital drivers for online 

shopping and online retailers can focus on those to augment their sales and customers can 

derive higher satisfaction. 
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CHAPTER 3 

RESEARCH DESIGN AND METHODOLOGY 

 

As e-commerce is developing at a faster pace, there is a need for further development of 

the existing set of literature. The current research pioneers consolidating the drivers of 

online shopping through the lens of extending UTAUT2 drivers with TI drivers and DPM 

drivers to examine their influence on BI. Consequently, it was thought to examine whether 

BI results in SI, as this would help in increasing consumers’ links and adding a 

sustainability perspective to e-business. Though discussed in academic forums, they lack 

focus, and academic research on them is still in its infancy. Consumer behavior for online 

shopping has been captured through many models of technology adoption (Tandon et al. 

2018). Despite the fact that there has been much research on the UTAUT2 drivers, there is 

still less research focusing on critical factors that have affected the e-commerce sector in 

this digital area. The current research by adding DPM and TI drivers, will add more insight, 

and this gains more importance in view of people becoming more tech-savvy. The existing 

literature examines the impact of UTAUT2 drivers on BI for online shoppers, but the impact 

of DPM and TI drivers on BI has been under-researched. The increased pace of Internet 

penetration facilitated the adoption of digital payments in online shopping. With new 

technologies like CBs and VTO, there is a need to examine how TI is influencing BI. Thus, 

the present study has been undertaken sought to understand the integrated impact of 

UTAUT2, DPM, and TI drivers on BI. It also tried to investigate whether BI positively 

influences SI. 

 

In view of this backdrop, the current chapter provides a base of the research design and 

methods used to achieve the results. Section 3.1 underlines the research design. The details 

of survey instrument have been provided in 3.1.1 and sample details in 3.1.2. Section 3.2 

projects sources of data. Data collection procedure and pilot study is presented in section 

3.3, Tools and Techniques used in section 3.4. This is followed by conceptual model in 

section 3.5; research framework in section 3.6 and chapter summary in section 3.7. 
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3.1 Research Design  

Research design, sampling design, sources of data collection, and research methods used 

for data analysis are essential to realise and achieve the objectives. The present section 

covers these. The section also describes the details of questionnaire. 
 

3.1.1 Survey Instrument 

The study is based on primary data. This empirical study was conducted in India and used 

a questionnaire to collect the required data. A structured questionnaire was designed to test 

the proposed relationships. All the questions were closed-ended. The current study is based 

on collecting data through a Five-point Likert scale. Moreover, the adoption of same scale 

values for measuring the constructs allows for easier interpretation of the study findings 

(Wong & Merrilees, 2007). The use of five-point scales boosts the response rate and 

minimizes the respondents‟ frustration level (Leong et al. 2020). This exercise helped to 

ensure the content and face validity of the questionnaire (Jain, 2020; Kumar et al. 2021; 

Lim et al. 2021). The final questionnaire is presented in the Appendix 1. Base model 

developed by Venkatesh et al., (2012) has been given in the figure 3.1 
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Source: Tandon et al., (2018) 

 

The questionnaire consists of 70 items. Many scale items for various constructs have been 

adapted from previous literature, but these constructs have been deepened in the light of 

changing circumstances. All the newly added items have been marked in italics.UTAUT2 

model has also been extended with the help of new constructs to fulfil the demands of 

evolving digital environment in a developing nation like India. 

 

In the beginning we have drivers of UTAUT2 model. Initial model proposed by Venkatesh 

et al. (2003), the UTAUT model cogitated performance expectancy (PE), effort expectancy 

(EE), social influence (SI), facilitating conditions (FC), and user behavior (UB). In 

augmented model, UTAUT-2, Venkatesh et al. 2012, added hedonic motivation (HM), 

price value (PV) and habit (H). The questionnaire depicting drivers of UTAUT2 has been 

given in the Table 3.1. Performance Expectancy consists of 12 scale items. In this, 3 new 

items have been added with the help of existing literature and 9 have been adapted from 

standard model developed by Venkatesh et al. (2003) and further refined Venkatesh et al. 
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(2012). Newly added scale items are: (i) I can go in for online shopping 24*7.(ii) I can go 

in for online shopping from anywhere using mobile apps. (iii) Online shopping provides 

options to choose from multiple brands. 

 

Effort expectancy has a total 7 scale items, which have been adapted from Tandon et al. 

(2017). Facilitating conditions has 4 scale items adapted from the base model. Habit also 

has 4 scale items. In case of social influence out of 4 scale items, item stating “Feedback/ 

reviews of verified customers help me in locating the right product” has been introduced 

for the first time. Hedonic motivation has 4 scale items. Further price value has 6 scale 

items, out of which 3 scale items are original in nature. (i) Free membership offered is often 

attractive and provide me value for money.(ii) EMI options provide me value of money.(iii) 

Refund policy provides me value for money. Behavioral intention has 4 scale items, which 

have been adapted from Tandon et al. (2015). Sustained Intention has three items, and it 

has been introduced as a new construct in research. Many earlier researchers’ have used 

Behavioral intention as the dependent variable, but we wanted to study whether, behavioral 

intention results in sustained intention, hence it was added. Sustained Intention has been 

introduced for the first time in research as a construct because in a developing country like 

India we are able to reach at results only if behavioral intention results in sustained 

intention.  
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Table 3.1. UTUAT-2 Scale with literature support 
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Digital payment mode as indicated through table 3.2 is a newly developed construct, and 

the scale items have been extracted with the help of literature available on Demonetisation 

in Indian context. The research construct has been validated by (Gupta et al., 2022).It 

consists of 14 scale items in total. 

 

 



 
 
 

40 

Table 3.2 Digital Payment Mode Scale with literature support 

 DIGITAL PAYMENT MODE   
1. I prefer to buy through digital mode of 

payment. 
(Tandon et al. 2017) 

2. Digital is a reliable mode of payment while 
shopping online.  

(Tandon et al. 2017) 

3. I plan to pay through digital mode of payment. 
 

(Tandon et al. 2017) 

4. Digital mode of payment gives me confidence 
for future purchase of products. 

(Tandon et al. 2017) 

           
5.  

I feel safe while using digital mode of payment 
in online shopping. 

 

6. Digital mode protects my privacy.   
7. To increase trust in digital payments cyber 

security systems must be strengthened. 
 

8. I trust that the website will not   give my 
personal details to other websites without my 
permission. 

(Wolfinbarger and Gilly 
2003) 

9. The terms used for digital mode of payment 
are understandable. 

 

10. More the surety about the product more the use 
of credit cards. 

 

11. Reducing the cost of electronic transfer would 
act as catalyst for digital payment.          

 

12. It becomes easier to make payment using 
Debit/Credit cards as details are already saved 
on the website. 

 

13. Authentication through OTP ensures safety 
while making payment through digital mode 
of payment.  

 

14. Recent Government of India directives to the 
banks regarding refund in case of mis-
utilisation of funds motivate me to make 
payment through digital mode of payment. 

 

 
 
In the last we have Technology Interface Drivers. Chatbots has 4 scale items, out of which 

3 have been adapted from Taylor and Todd 1995 and one scale item “Chatbots help me to 

vent out negative feelings “has been freshly introduced. Further price value has 6 scale 

items, out of which 3 scale items are original in nature. (i) Free membership offered is often 

attractive and provide me value for money. (ii) EMI options provide me value of money.(iii) 

Refund policy provides me value for money. If we talk about Virtual Try-On, the first two 

scale items viz., (i)VTO engages us with pass time motive. (ii) VTO helps in mood 

management have been developed with the help of existing literature and other two scale 
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items have been adapted from Tandon et al. (2023).All the scale items of technology 

interface drivers are depicted in table 3.3. 

Table 3.3: Technology Interface Scale with literature support 

 CHATBOTS  
       1. Chatbots help to vent out negative feelings  
      2. I like using chatbots for shopping. Taylor and Todd 1995  
      3. Using chatbots for shopping is a good idea. Taylor and Todd 1995  
      4. Using chatbots for shopping is a pleasant 

experience Taylor and Todd 1995  

 VIRTUAL TRY ON  
1. VTO engages us with passing time motive   
2. VTO helps in mood management   
3. VTO is important for me as it helps me to 

choose better products for myself Tandon, U. 2023  

4. VTO provides sufficient and accurate 
information about the product  Tandon, U. 2023  

 

3.2 Sources of data 

There are two sources of data collection: Primary and Secondary. Primary data is very much 

fresh in nature and collected for the first time. Main source of data collection has been a 

questionnaire. First part of the questionnaire consisted of demographic profile of the 

respondents and second section comprised of scale items related to drivers of online 

shopping. Data for this research has been collected in two phases. During the second phase, 

in-person visits were undertaken to collect the required data. data. Additional Data Source 

In addition to the questionnaire survey, the study also drew upon a secondary data source, 

which plays a significant role in the current research. Secondary data forms a substantial 

component of this study. Previous studies on technological adoption models, reports on 

online shopping (IBEF 2020) and published research work (Economic survey 2017) has 

been considered in the study. 
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3.3 Data collection procedure and pilot study 

Data were collected between the period of July 2018 to April 2020. Data were collected 

from 600 respondents through a survey using snowball sampling, with the link shared 

through email. The initial response rate was low and after a month, a second e-mail was 

sent to invite those who had not responded to complete the questionnaire. Another reminder 

to implore responses followed this. Respondents were also contacted through social media 

(Face book and LinkedIn). First, a pilot study was done by sending it to 50 online shoppers 

for checking the face validity of the questionnaire. Data were also collected from 50 

academicians to check the content validity. Based on the review, some of the items were 

deleted and some were reframed. Further those items were retained with reliability greater 

than 0.7. Initially, questionnaire was sent to 800 people and they were asked to circulate 

further to online shoppers in their peer group. The population of this research comprised 

North Indian Internet-savvy online consumers. In Northern India, three states were covered, 

i.e., Punjab, Haryana, and Himachal.  

The survey instrument was modified, and final data were collected from 600 respondents.  

Respondents were asked to rank the importance of each item of the construct on a 5-point 

Likert scale.  

 

3.4 Tools and Techniques Used 

There are two major approaches to research in any field- qualitative research and 

quantitative research. The two approaches have different data collection and analysis 

methods. Both approaches have their own merits and demerits. Researchers have to adopt 

an approach based on the study’s objectives. Qualitative research is a type of research that 

produces results not arrived at by statistical techniques. To collect data, qualitative research 

has a wide variety of research methods such as participants‟ observation, case studies, focus 

groups and in-depth interviews. This research approach can help achieve a comprehensive 

understanding of different perspectives. However, the analysis of qualitative data is time-

consuming and labour-intensive. 

 

The major disadvantage of this research approach is that the results are easily affected by 

the researchers own biases. Quantitative research is conducted by collecting quantifiable 

data and analyzing them using statistical techniques. Quantitative data are collected using 

structured methods such as polls and surveys. These methods require researchers to use 
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closed-ended questions, making data analysis quite straightforward. The results achieved 

are unbiased and generalizable to the entire population.  

 

3.4.1 Discriminant Validity: According to discriminant validity, theoretical constructs are 

distinct and their measurements don’t have a strong correlation with one another (Campbell 

and Fiske, 1959). Fornell-Larker Criteria was used to demonstrate how the constructs are 

different from one another. 

  

3.4.2 Factor Analysis: Factor analysis as a statistical tool compresses large number of 

variables into smaller number by removing all of their commonalities. It is also known as 

data reduction technique (Tucker and MacCallum, 1997). As digital payment driver is a 

newly introduced construct factor analysis was conducted on 14 scale items developed with 

the help of relevant literature. And two factors emerged viz ease of payment and perceived 

risk. Ease of payment has been adapted from perceived ease of use. 

 

Numerous researchers have identified Perceived Ease of Use (PEOU) as a direct precursor 

to the intention to adopt mobile payment services (Venkatesh et al. 2003). Many of these 

studies refer to the definition provided by Davis (1989) for PEOU, which is described as 

"the degree to which individuals believe that utilizing a specific technology would be free 

of effort, encompassing both physical and mental exertion." According to Ajzen (1991), 

intentions serve as indicators of the level of effort individuals are willing to invest and the 

extent of effort they plan to exert in performing a particular behavior. Consequently, the 

adoption or use of digital payment systems hinges primarily on the intention to embrace or 

utilize these systems. 

 

Actions are often guided by perception."Perceived risk refers to an individual's anticipated 

uncertainty level linked to the outcomes of using a specific technology." This perception of 

risk is described by Peter and Ryan (1976) as "the anticipation of potential losses associated 

with a purchase, acting as a deterrent to purchasing behavior." In the words of Featherman 

and Pavlou (2003), "perceived risk is characterized as the potential for loss in the pursuit 

of the desired outcome of using an e-service." Grasping the concept of perceived risk 

enables online retailers to gain insights into the perspective of consumers regarding online 

shopping. 
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Research, such as that conducted by Tandon et al. (2019), underscores a robust positive 

correlation between perceived risk and customers' intention to make online purchases. In 

essence, understanding perceived risk becomes crucial for online retailers seeking to 

navigate the landscape of consumer behavior in the realm of online shopping. 

 

This study is based on structural equation modeling (SEM).  SEM approach is widely used 

for data analysis as it helps analyse relationships between multiple independent and 

dependent variables. There are two variants of SEM- variance-based structural equation 

modeling (VB-SEM) and covariance-based structural equation modeling (CB-SEM). VB-

SEM is preferred over CB-SEM, for testing models with multiple latent variables (Henseler 

et al. 2015). Moreover, VB-SEM has fewer restrictive assumptions (Talwar et al. 2020) and 

higher statistical power (Hair et al. 2019) than CB-SEM. Among the VB-SEM techniques, 

partial least squares structural equation modeling (PLS-SEM) is being widely used by 

marketing researchers to test the proposed  hypotheses. Variance-based PLS-SEM can 

easily handle both reflective and formative constructs (Hair et al. 2019; Matthews et al. 

2018). Though PLS-SEM works well with small sample sizes, existing studies have 

demonstrated that this technique can also be used with large sample sizes ( Hair et al. 2019; 

Lou and Yuan, 2019; Matthews et al. 2018). Thus, the use of PLS-SEM was considered 

appropriate for the current study.  

 

After critically reviewing UTAUT2 model, the current research proposed a revised 

theoretical model that was tested using a combination of exploratory factor analysis and 

structural equation modeling (PLS-SEM), resulting in the current model. UTAUT2 drivers 

along with DPM drivers and TI drivers were considered. PLS-SEM was used due to high 

levels of statistical power (Klarner et al. 2013). PLS-SEM is a non-parametric procedure, 

and a bootstrapping procedure was used to test the significance of the loadings. The high-

quality business research on chatbots is still in its early stage of development. PLS-SEM is 

a widely used SEM method that will be further employed in studies involving chatbots. 

Therefore, taking support from the previous literature, PLS-SEM has been applied to 

validate the impact of chatbots and virtual try-on technology on Behavioral Intention in 

online shopping. Since this study used the survey participants’ responses, it was vital that 

the common method bias problem is not reflected in the results Before starting the analysis 

process, the data were checked for CMB, multicollinearity and normality. CMB may occur 

when the participant responds to questions related to both the independent and dependent 
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variables. The presence of CMB can adversely impact the research findings. Attempts were 

made to minimize the likelihood of CMB. Moreover, Harman‟s single-factor test was 

conducted to check for CMB. 

3.5 Proposed Model 

In the proposed model, the drivers considered include (i) drivers of UTAUT2 (FC: 

facilitating conditions; H: habits; HM: hedonic motivation; EE: effort expectancy; PE: 

performance expectancy; PV: price value; SI: social influence), (ii) TI drivers (chatbots and 

virtual try-on technology), and (iii) DPM drivers (perceived risk and ease of payment). The 

dependent variables are (i) BI and (ii) SI.  

 

 

The Conceptual model is depicted in Figure 3.2 

 

 

 

Figure 3.2: Conceptual Model 

Figure 3.2 depicts the proposed model to examine the relationship of UTAUT2 drivers, 

Technology Interface drivers, and Digital Payment mode drivers with Behavioral Intention 

and Sustained Intention.   
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3.6 Research framework  

 
 

 

Figure 3.2:  Research Framework  
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3.7 Chapter Summary  

The third chapter discusses in detail the methodology used for conducting this research. 

Further, the process of data collection and analysis is explained. This chapter comprises of 

phases of research and explains the entire process followed to achieve the objectives of the 

research. The chapter portrays various tools and techniques that have been applied to test 

the hypotheses. 
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CHAPTER 4 

RESULTS AND DISCUSSION 

 

This chapter presents the results and details of how objectives have been achieved. Section 

4.1 presents the Demographic profile of the respondents. Section 4.2 Characteristics of 

sample respondents. The next section 4.3, projects the analysis of UTAUT2 drivers, digital 

payment mode drivers, technology interface drivers of online shopping and their impact on 

behavioral intention using Structural Equation Modeling (SEM).  

4.1 Demographic profile of the respondents 

The following section covers the demographic characteristics undertaken in the present 

study and are explained separately.  

 

4.1.1 Location of respondents- As depicted in Figure 4.1.1, the composition of the sample 

was bent in favor of respondents of Punjab, constituting 74.18 % of the total sample size. 

Further, Haryana respondents accounted for 15.93 % of the sample 

 

 
 

4.1.2 Area of location of Respondents- As indicated through Figure 4.1.2, the highest 

response rate was observed among urban population, accounting for 89.01% of the total 

responses. Rural population constituted only 10.99% of the total responses received. 

74.18%
15.93%

9.89%

Figure 4.1.1: Locational composition of the sample 
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4.1.3 Gender-wise composition of Respondents - The sample was dominated by males. 

Gender-wise analysis as shown in Figure 4.1.3 indicates that 57.42 percent respondents 

were males and remaining 42.58 percent were females. 

 

 
 

 

4.1.4 Age-wise composition of Respondents: Three age groups were considered for the 

study. As depicted through Figure 4.1.4, respondents falling in the age group of 18-30 years 

are 59.62 percent. This is followed by 33.79 percent of respondents in the age group of 31-

10.99%

89.01%

Figure 4.1.2 : Area of location of Respondents

57.42%
42.58%

Figure 4.1.3: Gender-wise compostion of Respondents

Male Female
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45. 6.59 percent respondents are over 45 years. The response rate from the last category i.e. 

over 45, is lower than the other two other categories. 

 

 
 

 

4.1.5 Educational qualification of Respondents: Three levels of education chosen for the 

survey were: Undergraduate, Graduate and Postgraduate. Figure 4.1.5 indicates that 

majority of respondents are postgraduates. This group comprises 48.90 percent of the 

sample followed by undergraduates with 31.04 percent of the sample followed by 20.05 

percent as graduates. 

 

 
 

59.62%33.79%

6.59%

4.1.4 Age-wise  composition of Respondents

18-30 31-45 46 and above

20.05%

31.04%

48.90%

4.1.5 Educational qualification of Respondents

Under Graduate Graduate Post Graduate
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4.1.6 Occupation of Respondents: Among the three categories, service class dominated the 

sample (47.53 percent) followed by students (32.42). Only a small fraction of sample i.e., 

9.89 percent was self-employed 

 

 

 
 

4.1.7 Income of Respondents- The survey encompassed four income tiers. Within the 

respondent pool, 66.48% reported below Rs.5000, 00, while 43.68% has income above Rs. 

10,000,00 as depicted by the figure 4.1.7. 

 

 

10.16%

47.53%
9.89%

32.42%

Figure 4.1.6: Occupation of Respondents

Business Salaried Self -employed Student

66.48%

23.90%

43.68%

Figure 4.1.7: Income of Respondents

Below Rs. 500,000
Between Rs, Rs. 5,00,000-Rs. 10,00,000
Above Rs. 10,00,000
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4.2 Characteristics of sample respondents: 

  This section depicts the characteristics of respondents. These characteristics are described 

below separately. 

 

 4.2.1 Hours spent on internet: Figure 4.2.1 depict the number of hours spent on internet by 

respondents. Majority of the respondents (61.54%) devote less than 1 hour per week. This 

is followed by 27.2 percent respondents who spend 1-3 hours on internet.  

 

 
 

4.2.2 Years of online shopping: A significant number of respondents, 61.54 percent of the 

sample respondents have been shopping online from one year whereas (27.2) had adopted 

online shopping from 1-3 years. Only 11.26 percent of sample respondents had been 

shopping online from more than 3 years. This shows that people are slowly adopting online 

shopping as part of their routine. 

61.54%27.20%

11.26%

Figure 4.2.1 How many hours do you spend for online 
shopping in a week? 

Less than 1 hour 1-3 hour More than 3 hours
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4.2.3: Products purchased online from past six months: Figure 4.2.3 summarizes the 

products purchased by the respondents. It can be inferred that 35.99 percent of respondents 

had purchased less than 5 products online. This was followed by 32.42 percent. These 

respondents had bought more than ten products online. 

 

 
 

 

61.54%27.20%

11.26%

Figure 4.2.2: For how long you have been shopping on internet?

Less than 1 years 1-3 Years More than 3 years

35.99%

31.59%

32.42%

Figure 4.2.3 Products purchased by the respondents in last one 
year

Less than 5 Between 5-10 More than 10
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4.2.4: Preferred mode of payment:  Figure 4.2.4 indicates the preferred mode of payment. 

The results highlight that Pay on delivery is the dominant mode of payment as 51.65% 

aspire to pay through Pay on delivery. Pay on delivery includes both the cash on delivery 

and digital payment options. Other payment options like online banking (38.74%) and 

Paytm/e Wallet Company (9.62%) was the least preferred mode of payment. As cash on 

delivery was already empirically tested mode of payment, this research tried to validate 

digital payment mode as a new driver of online shopping. 

 

 
 

 

4.3 Analysis of UTAUT2 drivers, digital payment mode drivers, technology interface 

drivers of online shopping and their impact on behavioral intention and sustained 

Intention 

 

This section reports results of data analysed using PLS-SEM. SEM has become one of the 

preferred data analysis techniques among researchers. This technique helps to test complex 

models. The technique is very helpful when a research model has multiple independent 

(exogenous) and dependent (endogenous) constructs. SEM consists of several linear 

equations that simultaneously determine relationships among several constructs. 

SEM involves two steps. 

38.74%

9.62%

51.65%

Figure 4.2.4: Preferred mode of Payment

Online banking Paytm/e-wallet Company Pay on delivery
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First, the measurement model is assessed to check the reliability and validity of the 

constructs. The objective of confirmatory factor analysis (CFA) is measurement model 

confirmation in PLS-SEM (Hair et al. 2020). Items/ indicators are dropped based on the 

outer loading values. After dropping the items/indicators, the reliability and validity of the 

constructs are checked. Second, the structural model is assessed to determine the influence 

of one construct on another. This step involves path analysis. It allows researchers to test 

the hypothesized relationships among constructs. The sign and magnitude of the path 

coefficient dictate the relationship between the two constructs. Conclusions are drawn 

based on the path coefficients and statistical significance of relationships. 

This part of the study is a confirmatory and exploratory study as it is testing an established 

theory as well as building new theory by deepening the originally existing constructs and 

extending the model by introducing fresh constructs.  

 

4.3.1 Exploratory factor Analysis 

 

EFA applied for digital payment mode (DPM) drivers is presented in Table 4.3.2. In the 

case of DPM drivers, two factors with eigenvalues greater than 1 were extracted. The two 

factors extracted are (i) ease of payment and (ii) perceived risk. In the case of the first factor 

(ease of payment), eight statements having loading values greater than 0.50 were retained. 

In the case of this factor, the statement “Digital mode protects my privacy” had the highest 

loading value (0.857). This was followed by statements such as “I feel safe while using 

digital payment mode in online shopping” and “Digital payment mode gives me confidence 

for future purchase of products”. This factor has a high eigenvalue of 8.533 and the variance 

explained by this factor is 39.219%. For perceived risk, the statement “to increase trust in 

digital payments cyber security systems must be strengthened” had the highest loading 

(0.840), followed by “Authentication through OTP ensures safety while making payment 

through digital payment mode” (0.795). This factor has an eigenvalue of 1.046 and this 

factor explained 29.202% of the variance (KMO 3926.028; df:91 p ≤ 0.01). These two sub-

constructs were used for further analysis as DPM drivers. 
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Table 4.3.1: Factor analysis of the digital payment mode drivers 

 

Digital Payment Drivers Ease of 
Payment 

Perceived 
Risk 

MP6: Digital mode protects my privacy. 0.857  
MP5: I feel safe while using digital payment mode in online 
shopping. 

0.833  

MP4: Digital payment mode gives me confidence for future 
purchases of products. 

0.805  

MP2: Digital is a reliable payment mode while shopping online. 0.745  
MP3: I plan to make payment through digital payment mode. 0.741  
MP1: I prefer to buy through digital payment mode. 0.709  
MP9: The terms used for digital payment mode are understandable. 0.634  
MP8: I trust that the website will not share my personal details with 
others without my consent. 

0.632  

Eigenvalue 8.533  
% of Variation 39.219  
MP7: To increase trust in digital payments cyber security systems 
must be strengthened. 

 0.840 

MP13: Authentication through OTP ensures safety while making 
payment through digital payment mode 

 0.795 

MP11: Reducing the cost of electronic transfer would act as a catalyst 
for digital payment. 

 0.762 

MP14: Recent Government of India directives to the banks regarding 
refunds in case of mis-utilization of funds motivate me to make 
payments through digital payment mode. 

 0.627 

MP12: It becomes easier to make payments using debit/credit cards 
as details are already saved on the website. 

 0.603 

MP10: The more the surety about the product, the more the use of 
credit cards. 

 0.553 

Eigenvalue  1.046 
% of Variation  29.202 
KMO and Bartlett’s Test   
Kaiser–Meyer–Olkin Measure of Sampling Adequacy 0.946  
Bartlett’s Test of Sphericity Approx. 

Chi-
Square 

3926.028 

Df 91  
p-value 0.000 ***  

[*** p ≤ 0.001] Source: Authors’ calculations with SPSS. 

4.3.2 Confirmatory factor analysis 

Exploratory Factor Analysis (EFA) consolidates inter-correlated variables into more 

overarching, underlying variables. Confirmatory Factor Analysis (CFA) is a statistical 

method employed to validate the factor structure of a set of variables. Structural Equation 
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Modeling (SEM) serves to elucidate the relationship between two types of variables: latent 

and observed/measured variables. Observed or measured variables are those directly 

gauged by the researcher, while latent variables, though not directly measured, are of 

interest to the researcher. Therefore, to observe latent variables, a conceptual model must 

be formulated to express them in terms of observed variables. 

 

In the assessment of behavioral intention, the selection of drivers for online shopping and 

technology interface drivers was guided by prior research. The measurement model focuses 

exclusively on validating the proposed model. This model was outlined and tested using 

sample data, with all observed variables incorporated into the analysis. 

 

4.3.3 Validation of Measurement Model 

 

The measurement model is used to validate the research model. Before estimating the 

model, it becomes important to establish the validity and reliability of measurement tools 

used. By doing so, researchers ensure that the measures accurately captured, the constructs 

represented by them. To assess the measurement model evaluation, it is imperative to 

establish validity and reliability checks of the instrument. Content validity; Composite 

reliability; Convergent validity and Discriminant validity checks were carried out: The 

content and face validity has already been considered in section 3.3 of Research 

Methodology chapter. 

  

Reliability is the main concern for questionnaire-based studies. Reliability can be described 

as the extent to which a measurement scale yields consistent results. To assess the reliability 

of measurement scales, Cronbach’s alpha and composite reliability (CR) were computed 

for each construct. Validity can be described as the extent to which a measurement scale 

yields accurate results. Convergent validity was checked based on the average variance 

extracted (AVE) values. Discriminant validity was assessed based on the Heterotrait-

Monotrait (HTMT) criterion and the Fornell-Larcker criterion. The use of the HTMT 

criterion to assess discriminant validity is becoming increasingly common in marketing 

studies. This approach is being widely used in studies adopting the PLS-SEM technique. 

The HTMT criterion is based on the correlation between the constructs.  
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Measurement model - Reliability and Validity 

Table 4.3.2 portrays Cronbach’s Alpha, Composite Reliability (CR), Average Variance 

Extracted (AVE), and Rho_ A. The internal consistency of the survey instrument is in an 

acceptable range, as Cronbach’s alpha is ≥0.70 (Cronbach, 1951). All constructs lie in the 

range of 0.735–0.875. Recommended AVE values should be ≥0.5, and composite reliability 

(CR) ≥0.7. AVE values of all constructs were ≥0.50. Convergent validity was confirmed as 

the AVE value for each construct was above 0.5 (Hair et al. 2020). The high CR and Rho_ 

A values reflected good overall reliability (Hamid et al. 2017). 

Table. 4.3.2: Construct reliability. 

 

Table 4.3.3 displays results regarding discriminant validity. As seen, the diagonal values 

depicting the sq. root of AVE on constructs are greater than the inter-construct correlation. 

Hence, the data are free from the problem of discriminant validity.  In the Fornell-Larcker 

criterion, the square root of the AVE value for a construct is compared with its correlation 

coefficients with other constructs in the model. In a given model, the square root of a 

construct’s AVE value should be greater than its correlation coefficients with other 

constructs in the model (Fornell & Larcker, 1981). 
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Table 4.3.3. Fornell–Larcker criteria. 

 

Discriminant validity was established for the present study as both criteria were met. Table 

4.3.4 indicates that the HTMT ratio as suggested by Henseler et al.,( 2015), should be less 

than 0.85. Thus, this criterion is satisfied.  

Table. 4.3.4: HTMT ratio. 

 

In the measurement model, the last aspect to check was outer and inner VIF values. As 

shown in Table 4.3.5, all VIF values are less than 3; thus, the data are free from 

multicollinearity. Hence, it was time to proceed with the structural model (Marquardt, 1970; 

Kennedy, 1992; Hair et al. 1995). 
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Table. 4.3.5: VIF values. 

Outer VIF 
Constructs VIF Constructs   VIF Constructs VIF 
EE 2.199 Chatbots   1.511 BI1 2.361 
FC 1.863 Virtual Try-On  1.511 BI2 2.513 
H 1.726 Ease of Payment   1.560 BI3 2.366 
HM 1.938 Perceived Risk    1.560 BI4 2.026 
PE 1.693   SI1 1.948 
PV 1.972   SI2 1.867 
SI 1.767   SI3 1.395 
Inner VIF 

 
Behavioral 
Intention 

Digital 
Payment Mode 

Drivers 

Sustained 
Intention 

Technology 
Interface 
Drivers 

UTAUT2 
Drivers 

Behavioral Intention 1.759  1.000   
Digital Payment Mode 
Drivers      

Sustained Intention 2.216     
Technology Interface 
Drivers 2.611     

UTAUT2 Drivers      

 

 

Table 4.3.6. Outer loadings.  

 

 
Original 
Sample 

(O) 

Sample 
Mean 
(M) 

Standard 
Deviation 
(STDEV) 

T Statistics 
(|O/STDEV|) p Values 

EE ← UTAUT2 Model Drivers 
of Online Shopping 0.759 0.758 0.027 28.101 0.000 *** 

FC ← UTAUT2 Model Drivers 
of Online Shopping 0.704 0.704 0.026 27.085 0.000 *** 

H ← UTAUT2 Model Drivers 
of Online Shopping 0.660 0.660 0.030 22.369 0.000 *** 

HM ← UTAUT2 Model 
Drivers of Online Shopping 0.805 0.805 0.015 54.210 0.000 *** 

PE ← UTAUT2 Model Drivers 
of Online Shopping 0.726 0.726 0.022 32.503 0.000 *** 

PV ← UTAUT2 Model Drivers 
of Online Shopping 0.806 0.806 0.020 40.046 0.000 *** 

SI ← UTAUT2 Model Drivers 
of Online Shopping 0.664 0.664 0.031 21.082 0.000 *** 

Chatbots ← Technology 
Interface Drivers 0.887 0.887 0.011 80.480 0.000 *** 
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Virtual Try-On ← Technology 
Interface Drivers 0.891 0.891 0.012 72.070 0.000 *** 

Ease of Payment ← Digital 
Payment Mode Drivers 0.900 0.900 0.011 84.499 0.000 *** 

Perceived Risk ← Digital 
Payment Mode Drivers 0.888 0.888 0.012 75.330 0.000 *** 

BI1 ← Behavioral Intention 0.861 0.861 0.012 70.440 0.000 *** 
BI2 ← Behavioral Intention 0.870 0.870 0.012 74.666 0.000 *** 
BI3 ← Behavioral Intention 0.861 0.861 0.014 60.239 0.000 *** 
BI4 ← Behavioral Intention 0.820 0.820 0.017 49.366 0.000 *** 
SI1 ← Sustained Intention 0.890 0.890 0.009 100.946 0.000 *** 
SI2 ← Sustained Intention 0.871 0.871 0.012 75.513 0.000 *** 
SI3 ← Sustained Intention 0.733 0.732 0.029 25.091 0.000 *** 

[*** p ≤ 0.001. 

 

4.3.4 Structural Model  

 

The structural model estimation process follows the confirmation of the measurement 

model. Structural Equation Modeling (SEM) serves as a multivariate analytical tool 

employed to delineate relationships and assess the proposed conceptual or theoretical 

model. When utilizing SEM, researchers can opt for either Covariance-based SEM (CB-

SEM) or Partial Least Squares SEM (PLS-SEM). In the current study, PLS-SEM is 

employed due to its flexibility and applicability under fewer conditions. 

 

PLS-SEM is recognized for its robust statistical capabilities, particularly in handling 

intricate interactions. Unlike CB-SEM, which heavily relies on accurately approximating 

the observed covariance matrix, PLS-SEM uses fit to account for the explained variance in 

the endogenous constructs (Hair et al. 2019). This choice aligns with the specific 

requirements and complexities of the study, allowing for a comprehensive exploration of 

the relationships within the proposed model. 

 

The first and second objectives of the study are as under:  

 

O1: To analyse the major drivers of online shopping.  

 

O2: To analyse the preferred mode of payment for buying online after demonetisation. 
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The hypotheses formulated, as reviewed in the literature, were subjected to testing and the 

results are illustrated in this section:  

H1: UTAUT2 drivers performance expectancy (PE), effort expectancy (EE), social 

influence (SI), facilitating conditions (FC), hedonic motivation (HM), price value (PV), and 

habit (H)) are positively related to the Behavioral Intention of online shoppers. 

H1a: Performance expectancy (PE) is positively related to the Behavioral Intention of 

online shoppers. 

H1b: Effort expectancy (EE) is positively related to the Behavioral Intention of online 

shoppers. 

H1c: Social influence (SI) is positively related to the Behavioral Intention of online 

shoppers. 

H1d: Facilitating conditions (FC) are positively related to the Behavioral Intention of 

online shoppers. 

H1e: Hedonic motivation (HM) is positively related to the Behavioral Intention of online 

shoppers. 

H1f: Price value (PV) is positively related to the Behavioral Intention of online shoppers. 

H1g: Habit (H) is positively related to the Behavioral Intention of online shoppers. 

H2: Technology Interface drivers are positively related to Behavioral Intention. 

H2a: Chatbots are positively related to Behavioral Intention. 

H2b: Virtual try-on (VTO) is positively related to Behavioral Intention. 

H3: Digital Payment Mode drivers are positively related to Behavioral Intention 
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Table 4.3.7: Path coefficients.  

 

Original 
Sample 

(O) 

Sample 
Mean 
(M) 

Standard 
Deviation 
(STDEV) 

T 
Statistics 
(|O/STDE

V|) 

p Values F-Square 

H1: UTAUT2 Model Drivers of Online  
Shopping → Behavioral Intention 0.465 0.467 0.043 10.735 0.000 *** 0.272 (L) 

H2: Technology Interface Drivers →  
Behavioral Intention 0.211 0.210 0.036 5.823 0.000 *** 0.066 (S) 

H3: Digital Payment Mode Drivers →  
Behavioral Intention 0.263 0.262 0.038 6.979 0.000 *** 0.151 (M) 

H5: Behavioral Intention → Sustained  
Intention 0.868 0.869 0.011 76.101 0.000 *** 3.062 (L) 

Indirect Effect       
H1*H5: UTAUT2 Drivers → 
Behavioral  
Intention → Sustained Intention 

0.404 0.406 0.038 10.502 0.000 ***  

H2*H5: Technology Interface Drivers 
→  
Behavioral Intention → Sustained 
Intention 

0.183 0.183 0.032 5.769 0.000 ***  

H3*H5: Digital Payment Mode Drivers 
→ Behavioral Intention → Sustained 
Intention 

0.229 0.228 0.033 6.942 0.000 ***  

 R Square R Square Adjusted  
Behavioral Intention 0.695 0.693  
Sustained Intention 0.754 0.753  

 

[*** p ≤ 0.001] 

Table 4.3.7 underscores the significance of path coefficients and t-statistics within the inner 

model. Focusing on Behavioral Intention as the endogenous variable, the findings affirm 

that all UTAUT2 predictors are positively and significantly linked to BI. Notably, all sub 

constructs—EE (0.759), PE (0.726), FC (0.704), habit (0.660), HM (0.805), PV (0.806), 

and SI (0.664)—demonstrate significance, emphasizing their importance as UTAUT2 

drivers. Among these, PE, HM, EE, and PV exhibit higher loadings. The UTAUT2 model 

drivers emerge as potent influencers of online shopping, with a path coefficient of 0.465 

(T: 10.735 and p ≤ 0.01). Consequently, H1, positing that UTAUT2 drivers (PE, EE, SI, 

FC, HM, PV, and H) positively relate to the Behavioral Intention of online shoppers, is 

substantiated. 
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Turning to Technology Interface (TI) drivers, they exhibit a path coefficient of 0.211 (T: 

5.823 and p ≤ 0.01), affirming H2 that Technology Interface drivers (chatbots and virtual 

try-on technology) are positively associated with Behavioral Intention. In the case of Digital 

Payment Mode (DPM) drivers, the association is β: 0.263 (T: 6.979 and p ≤ 0.01). 

Consequently, H3, suggesting that Digital Payment Mode drivers are positively linked to 

Behavioral Intention, is empirically supported. The third objective of the study is:  

 

O3: To design a model relating drivers of online shopping and Digital Payment Mode 

drivers with Behavioral Intention.   

 

The hypotheses formulated, as reviewed in the literature, were subjected to testing and the 

results are illustrated in this section: 

H4: UTAUT2 drivers, Technology Interface drivers, and Digital Payment Mode drivers are 

positively related to Behavioral Intention and Sustained Intention. 

H5: Behavioral Intention is positively related to Sustained Intention. 

Behavioral Intention is positively influencing Sustained Intention, with β:0.868 (T: 76.101 

and p ≤ 0.01). Thus, H5, that Behavioral Intention is positively related to Sustained 

Intention, has been empirically supported. Further, the indirect effect of H1*H5 is 

significant: UTAUT2 Drivers -> Behavioral Intention -> Sustained Intention (β: 0.404; T: 

10.502 and p ≤ 0.01). Similarly, the indirect effect of H2*H5 is significant: Technology 

Interface Drivers -> Behavioral Intention -> Sustained Intention (β: 0.183; T: 5.769 and p 

≤ 0.01). The results of H3*H5 are also significant: Digital Payment Mode Drivers -> 

Behavioral Intention -> Sustained Intention (β: 0.229; T: 6.942 and p ≤ 0.001). As shown 

in the model (Figure 4.3.1 and Table 4.3.7), the R2 value was 0.695 (Adj. R2 0.693) for 

Behavioral Intention. For the association between Behavioral Intention and Sustained 

Intention, the R2 value was 0.754 (Adj. R2 0.753). Overall, the model was acceptable, and 

it satisfactorily fulfilled all of the parameters. The model explained 75.3% of the variation. 

The value of SRMR is 0.074, which is less than 0.08 as recommended. The NFI value is 

0.756. Thus, the results lend support to H4: UTAUT2 drivers, Technology Interface drivers, 

and Digital Payment Mode drivers are positively related to Behavioral Intention, which 

positively and significantly influences Sustained Intention. Further, Figure 4.3.2 exhibits 

the bootstrapping results of the hypothesized model. 
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Table 4.3.8: Path coefficients and outcomes. 

 

Hypotheses β-Values/R2 p-values Status 
H1: UTAUT2 Model Drivers of Online Shopping →  
Behavioral Intention β-value 0.465 0.000 *** Supported 

H2: Technology Interface Drivers → Behavioral 
Intention β-value 0.211 0.000 *** Supported 

H3: Digital Payment Mode Drivers → Behavioral  
Intention β-value 0.263 0.000 *** Supported 

H5: Behavioral Intention → Sustained Intention β-value 0.868 0.000 *** Supported 
H4: UTAUT2 Drivers, Technology Interface Drivers, and  
Digital Payment Mode Drivers are positively related to 
Behavioral Intention, which positively and significantly 
influences Sustained Intention 

R2: 0.754  Supported 

H1*H5: UTAUT2 Drivers → Behavioral Intention →  
Sustained Intention β-value 0.404 0.000 *** Supported 

H2*H5: Technology Interface Drivers → Behavioral Intention  
→ Sustained Intention β-value 0.183 0.000 ** Supported 

H3*H5: Digital Payment Mode Drivers → Behavioral Intention 
→ Sustained Intention β-value 0.229 0.000 *** Supported 

Note: Complied by the authors; p ≤ 0.001 *** 
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Figure 4.3.1: PLS-SEM model depicting the relationship of UTAUT2, DPM, and TI drivers 

with Behavioral Intention and Sustained Intention. 

The study by Cohen (1987) was used to measure effect size F2. It highlights that if F2 for 

particular predictor variables in terms of exogenous variable is ≥0.02, the effect size is 

small; a value ≥0.15 is indicative of a medium effect size; and ≥0.35 reflects a large effect 

size. In Table , the effect size of UTAUT2 model drivers of Online Shopping -> Behavioral 

Intention is large, and that of Behavioral Intention → Sustained Intention is also large. That 

of Digital Payment Mode Drivers → Behavioral Intention is medium, and only for 

Technology Interface Drivers → Behavioral Intention, the effect size is small. The results 

reflect that in the case of chatbots and virtual try-on adoption, we may be in the infancy 

stage and need to work on improving this. 
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Figure 4.3.2 Bootstrapping model depicting the relationship of UTAUT2, DPM, and TI 

drivers with Behavioral Intention and Sustained Intention. 

4.4 Discussion 

Using Smart PLS to analyse the relationships, the main goal of the current study was to 

examine the effects of different online shopping factors on behavioral intention as well as 

the relationship between behavioral intention and sustained intention. The results of this 

study support those of Sivathanu (2018) and demonstrate that behavioral intention is 

positively and significantly impacted by performance expectation, facilitating conditions, 

hedonic motivation, and habit.  

Online shopping is primarily driven by performance expectations, which are positively 

correlated with consumer intention according to prior research (Dharmawirya and Smith, 

2012; Celik, 2016; Li et al., 2018; Tandon and Kiran, 2018). The present study confirms 
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the earlier literature (Menon and Kahn, 2002; Gupta and Dogra,2017; Tandon and 

Kiran, 2018) and the identification of Hedonic Motivation as a positive influence on 

online shopping. Our research supports earlier research by Sun et al., (2011) and exhibits 

Effort Expectancy as an important driver of online shopping.Price Value is showing 

significant positive influence on behavioral intention but is inconsistent with previous 

research studies Gupta and Dogra (2017)and Tandon and Kiran (2018).

Although Social Influence is found to positively affect Behavioural Intention, the findings 

are incongruent with those of previous studies conducted by Yaprakli et al. 

(2013), Venkatesh et al. (2012), Gupta and Dogra (2017)  and Foon and Fah (2011). This 

disparity emphasises the complex nature of these relationships by pointing to differences 

in the impact of social factors on the intention to shop online. 

As shown by Sareen and Jain (2014) and Yaprakali et al. (2013), the body of 

research continuously confirms that favourable conditions are a critical factor in the 

adoption of new technology. The results of this investigation support the body of 

established literature, demonstrating that UTAUT2 drivers do, in fact, promote behavioral 

intention. While there isn't much research on technology interface drivers, studies by 

researchers like Zhang et al. (2019), Cai et al. (2021), Chu et al. (2022), and Tandon 

(2023) have shown that chatbots and virtual try-on technology are emerging drivers of 

online shopping. These findings are consistent with the findings of the current study. The 

current study's findings lend additional support to the idea that chatbots and virtual try-

on technology are new trends in online shopping. 

The coefficient for Technology Interface drivers is comparatively lower, which 

indicates that these technologies are not yet at the best stage for widespread consumer 

adoption in the Indian context. This is a noteworthy finding. This finding suggests 

that Indian consumers still have space for these technologies to develop and be accepted. 
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Recent research has brought to light conceptual and methodological challenges associated 

with the approach proposed by Baron and Kenny (1986), as highlighted by Hayes (2018). 

Therefore, this study adopts the framework put forth by Zhao et al. (2010), which 

synthesizes insights from earlier mediation analysis research. The findings of the 

current study indicate the presence of complementary mediation, where both the 

indirect effect and the direct effect are positive and significant. Complementary 

mediation, as elucidated by Baron and Kenny (1986), refers to a scenario in which both 

the direct and indirect effects coexist, aligning in the same direction.  In the specific 

context of this study, where Behavioral Intention partially mediates the 

relationship between UTAUT2 drivers, Digital Payment Mode drivers, and 

Technology Interface drivers with Sustained Intention, it is apt to characterize this 

phenomenon as partial mediation. Furthermore, complementary mediation represents a 

subtype of partial mediation, acknowledging the nuanced nature of the interplay between 

these variables. 
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CHAPTER 5 

CONCLUSION, LIMITATIONS, AND IMPLICATIONS 

 

In view of increasing demand for online shopping, understanding of consumers’ needs, 

perceptions and the factors that influence consumers to shop online is a major challenge 

and is luring more and more research in this emerging area. The growing complexity of the 

nature of online demand in view of Emerging changes, technology interface and 

demonetisation in India was the main motive for undertaking the current research. This 

chapter presents the major findings of the study in Section 5.1, followed by Revising the 

objectives in section 5.2. Implications of the study are presented in section 5.3. The next 

section 5.4 outlines the limitations of the study and Future scope. Finally, the chapter ends 

with overall conclusions of the study.  

5.1 Major Findings of the Study 

In this section major findings of the study are highlighted: 

Ø The proposed model investigated how different online shopping drivers affected the 

intention of consumers in Punjab, Haryana, and Himachal Pradesh, three northern 

Indian states. Drivers of UTAUT2, digital payment methods, and technology 

interfaces were found to be effective in influencing online shoppers' behavioral 

intentions and guiding them towards sustained intention. 

Ø Antecedents of UTAUT2 were taken from the model (Venkatesh et al.2012). 

Though they have been empirically validated and tested in different settings and 

cultures, the idea was to substantially deepen various constructs of UTAUT2 to 

meet the requirements of this constantly evolving and technology led online 

shopping sector. 

Ø As these factors have already been experientially validated by previous researchers, 

confirmatory factor analysis was performed on all the critical drivers as mentioned 

in UTAUT2. New scale items have been introduced in various drivers in the light 

of dynamic environment of which the online shoppers are a part of. 

Ø The very first factor of UTAUT2 has come out to be successful driver of online 

shopping. Effort expectancy till date holds its position as a relevant driver of Online 
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shopping. Facilitating conditions has a direct and significant effect on the behavioral 

intention of online shoppers.  

Ø The study has been extended by involving two new drivers in the comprehensive 

model undertaken in this study. These include digital payment mode drivers and the 

technology interface drivers. Though UTAUT2 model is not new, but a holistic 

model has been developed in this study to highlight the relevance of UTAUT2 

drivers even when people are becoming more tech savvy and the impact of 

technology is overwhelmingly increasing. Digital payment mode drivers and 

Technology drivers along with UTAUT2 drivers has worked well and all the three 

drivers posit significant and positive result on the behavioral intention of online 

consumers. 

Ø Further, the study identified Digital Payment mode drivers as a new antecedent of 

online shopping. The construct consisted of 14 scale items, which have been 

developed for the first-time taking help from the studies relating to demonetisation 

in India. As this construct has been freshly introduced in literature, it was necessary 

to conduct exploratory factor analysis on the same. EFA resulted in the emergence 

of two new factors such as: i) Ease of payment and ii) Perceived risk. Thus, the 

major contribution of this research is finding another critical factor of online 

shopping in the form of digital payment and validating it as a part of research 

process (Gupta et al. 2022). 

Ø In the last technology interface emerged as a successful driver in this holistic model. 

There are limited studies on these constructs, such as chatbots and virtual try-on and 

they have long way to go in future. Scale items for both these constructs have been 

deepened taking-into-account the relevance of recent studies. Both chatbots and 

virtual try-on have emerged important sub-constructs of technology interface 

drivers influencing online shopping. 

Ø Finally, in the context of developing country like India, it would be unfair to 

conclude the research on behavioral intention of the consumers. If we say on the 

basis of results of behavioral intention, we are able to reach at a conclusion, it would 

quite skeptical. Attempt was made to find out whether Behavioral intention further 

results into sustained intention. Results exhibit while analyzing the impact of 

various drivers of online shopping on behavioral intention leads to sustained 

intention. In a nutshell, major finding of the study finds its essence in the sense that 

drivers of UTAUT2, digital payment mode drivers and technology interface drivers 
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are having a positive and significant impact on behavioral intention of online 

consumers and will continue for a longer period of time. 

5.2 Revising the objectives It is critical to understand whether the study is able to fulfil 

the objectives for which it was conducted. 

The first and second objectives of the study are as under:  

 

O1: To analyse the major drivers of online shopping.  

The hypotheses formulated, as reviewed in the literature, were subjected to testing and 

the results are illustrated in this section:  

H1: UTAUT2 drivers performance expectancy (PE), effort expectancy (EE), social 

influence (SI), facilitating conditions (FC), hedonic motivation (HM), price value (PV), and 

habit (H)) are positively related to the Behavioral Intention of online shoppers. 

H1a: Performance expectancy (PE) is positively related to the Behavioral Intention of 

online shoppers. 

H1b: Effort expectancy (EE) is positively related to the Behavioral Intention of online 

shoppers. 

H1c: Social influence (SI) is positively related to the Behavioral Intention of online 

shoppers. 

H1d: Facilitating conditions (FC) are positively related to the Behavioral Intention of 

online shoppers. 

H1e: Hedonic motivation (HM) is positively related to the Behavioral Intention of online 

shoppers. 

H1f: Price value (PV) is positively related to the Behavioral Intention of online shoppers. 

H1g: Habit (H) is positively related to the Behavioral Intention of online shoppers. 

 

To test the first objective extensive literature was done. While examining various studies 

regarding online shopping it was found that consumer orientation has changed towards 

online buying. UTAUT2 model was employed in various studies concerning technology 
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adoption and consumer behavior. All the drivers of UTAUT2 were analysed for 

confirmatory factor analysis and further PLS-SEM was employed for further analysis. 

Initial model proposed by Venkatesh et al. (2003), the UTAUT model cogitated 

performance expectancy (PE), effort expectancy (EE), social influence (SI), facilitating 

conditions (FC), and user behavior (UB). In augmented model, UTAUT-2, Venkatesh et 

al.2012, added hedonic motivation (HM), price value (PV) and habit (H). Though most of 

the scale items for various constructs have been adapted from previous literature, but many 

constructs have been deepened in the light of changing circumstances.  Performance 

Expectancy consisted of 12 scale items. Out of these 3 new items have been added with the 

help of existing set of literature and 9 items have been adapted from standard model 

developed by Venkatesh et al., (2003) and further refined by Venkatesh et al. (2012). Newly 

added scale items are: (i) I can go in for online shopping 24*7. (ii) I can go in for online 

shopping from anywhere using mobile apps. (iii) Online shopping provides options to 

choose from multiple brands. Effort expectancy has total 7 scale items which have been 

adapted from Tandon et al. (2017).  Similarly, facilitating conditions has 4 scale items 

adapted from the base model. Habit also has 4 scale items. In case of social influence out 

of 4 scale items, item stating “Feedback/ reviews of verified customers help me in locating 

the right product” has been introduced for the first time in the literature. Hedonic motivation 

also consisted of 4 scale items. Further price value has total of 6 scale items out of which 3 

scale items are original in nature. (i) Free membership offered is often attractive and provide 

me value for money. (ii) EMI options provide me value of money.(iii) Refund policy 

provides me value for money. Behavioral intention consisted of 4 scale items adapted from 

Tandon et al. (2015). The results of the hypotheses tested for this part of research are shown 

through Table 5.1 it can be concluded that all the drivers of UTAUT2 are critical drivers of 

online shopping. In line with the UTAUT2 theory, the findings suggest that drivers of 

UTAUT2 have a positive impact on behavioral intention of online shoppers. 

H2: Technology Interface drivers are positively related to Behavioral Intention. 

H2a: Chatbots are positively related to Behavioral Intention. 

H2b: Virtual try-on (VTO) is positively related to Behavioral Intention. 

 

As understood from previous discussion, UTAUT2 drivers emerged as significant drivers 

of online shopping, but there is a need to understand and test what other factors have 
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become critical with the passage of time, where technology is overpowering every aspect 

of life. Technology Interface Driver are divided into two sub constructs,  viz. chatbots and 

virtual try-on. Chatbots consisted of 4 scale items, out of which 3 have been adapted from 

Taylor and Todd 1995 and one scale item ‘Chatbots help me to vent out negative feelings’ 

has been introduced in this research. In Virtual Try On, the first two scale items viz., (i) 

VTO engages us with pass time motive. (ii) VTO helps in mood management. have been 

developed with the help of existing set of literature and other two scale items have been 

adapted from Tandon et al. (2023). CFA and PLS-SEM was employed to further analyse 

the results. Results lend support that Technology Interface Driver has a positive impact on 

Behavioral intention of online consumers.  

 

O2: To analyse the preferred mode of payment for buying online after 

demonetisation. 

H3: Digital Payment Mode drivers are positively related to Behavioral Intention 

 

O3: To design a model relating drivers of online shopping and Digital Payment 

Mode drivers with Behavioral Intention.   

 

Further, to determine the preferred mode of payment after demonetisation, substantial 

amount of research was undertaken on the studies regarding changes witnessed in online 

shopping in India in view of demonetisation. Majorly, the studies pointed towards the 

transition of Indian economy from cash driven economy to the cashless economy. This. 

study thus tested and validated digital payment mode as a new driver of online shopping. 

The scale items have been extracted from literature available on demonetisation in the 

Indian context. It consists of 14 scale items.  As here comes the concept of theory testing 

in relevance, exploratory factor analysis came in to effect and two sub-factors emerged such 

as perceived risk and ease of use. The research construct has been validated by the 

researcher (Gupta et al. 2022). 

 

The hypotheses formulated, as reviewed in the literature, were subjected to testing and 

the results are illustrated in this section: 
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H4: UTAUT2 drivers, Technology Interface drivers, and Digital Payment Mode drivers are 

positively related to Behavioral Intention and Sustained Intention.  

In this study an attempt has been made to develop a holistic model, comprising of UTAUT2 

drivers, digital payment mode drivers and technology interface drivers influencing 

behavioral intention of the online consumers. To develop a model and evaluate the 

hypotheses corresponding to the aforementioned objective, Structural Equation Modeling 

(SEM) through Smart PLS were employed. The outcomes of the hypotheses tested for this 

specific segment of the study are summarized in Table 5.1. The proposed model provides 

an appropriate direction to online retailers in North India to have a holistic approach to 

online shopping. 

 H5: Behavioral Intention is positively related to Sustained Intention. 

The  study also is an initial study to relate  behavioral intention with sustained intention in 

online shopping in India. The results support that Behavioral intention results in sustained 

intention. 

Table 5.1. Status of Hypotheses 

Hypotheses β-Values/R2 p-values Status 
H1: UTAUT2 Model Drivers of Online Shopping →  
Behavioral Intention 

β-value 0.465 0.000 *** Supported 

H2: Technology Interface Drivers → Behavioral 
Intention 

β-value 0.211 0.000 *** Supported 

H3: Digital Payment Mode Drivers → Behavioral  
Intention 

β-value 0.263 0.000 *** Supported 

H5: Behavioral Intention → Sustained Intention β-value 0.868 0.000 *** Supported 
H4: UTAUT2 Drivers, Technology Interface Drivers, and  
Digital Payment Mode Drivers are positively related to 
Behavioral Intention, which positively and significantly 
influences Sustained Intention 

R2: 0.754  Supported 

H1*H5: UTAUT2 Drivers → Behavioral Intention →  
Sustained Intention 

β-value 0.404 0.000 *** Supported 

H2*H5: Technology Interface Drivers → Behavioral 
Intention  
→ Sustained Intention 

β-value 0.183 0.000 ** Supported 

H3*H5: Digital Payment Mode Drivers → Behavioral 
Intention → Sustained Intention 

β-value 0.229 0.000 *** Supported 

Note: Complied by the authors; p ≤ 0.001 *** 
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5.3 Implications of the Study 

The implications cover both Theoretical Implications and Managerial Implications. 

5.3.1 Theoretical Implications 

The theoretical implications of research demonstrating positive relationships between 

UTAUT2 drivers-Performance Expectancy (PE), Effort Expectancy (EE), Social Influence 

(SI), Facilitating Conditions (FC), Hedonic Motivation (HM), Price Value (PV), and Habit 

(H)) and Behavioral Intention of online shoppers are profound and contribute to the 

advancement of various theoretical frameworks: 

 

UTAUT2 Validity and Robustness: 

The findings affirm the validity and robustness of the UTAUT2 model in the context of 

online shopping. The positive relationships underscore that the UTAUT2 framework 

effectively captures the essential factors influencing users' behavioral intentions in the 

online shopping domain. 

 

Integrated understanding of Technology Acceptance: 

The research contributes to a more integrated understanding of technology acceptance by 

demonstrating the simultaneous impact of multiple UTAUT2 drivers. This holistic 

perspective enriches theoretical frameworks related to technology adoption and usage. 

 

Social Context and Collective Decision-Making: 

Social Influence (SI) being positively related to Behavioral Intention reinforces the 

importance of social context in technology adoption. The theoretical implication is an 

acknowledgment of the collective decision-making process, emphasizing the role of social 

networks and group dynamics. 

 

Incorporation of Emotional and Enjoyment Factors: 

The positive relationship between Hedonic Motivation (HM) and Behavioral Intention 

extends theoretical understanding by incorporating emotional and enjoyment factors into 

the technology acceptance model. This highlights the significance of considering users' 

hedonic experiences in theoretical frameworks. 

 

Contextual Relevance of Facilitating Conditions: 
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The positive relationship between Facilitating Conditions (FC) and Behavioral Intention 

emphasizes the contextual relevance of environmental and technological support. 

Theoretical frameworks can benefit from recognizing the dynamic interplay between user 

perceptions and external conditions. 

 

 

 

Value Perception and Economic Considerations: 

The positive association of Price Value (PV) with Behavioral Intention introduces 

economic considerations into technology acceptance models. The theoretical implication is 

an acknowledgment of users' perceptions of value and their impact on behavioral intentions 

in the context of online shopping. 

 

Temporal Aspects and Habit Formation: 

The positive relationship between Habit (H) and Behavioral Intention contributes to the 

understanding of temporal aspects in technology adoption. Theoretical frameworks can 

benefit from incorporating the notion of habit formation and its role in sustaining user 

intentions over time. 

 

Enhanced understanding of drivers of online shopping 

This research enhances the knowledge of online shopping literature, especially the role of 

TI drivers and DPM drivers. The study enriches the limited research by investigating the 

role and importance of online customer experience through CBs. The results are consistent 

with Hoyer et al. (2020), supporting the use of new technology to influence the Behavioral 

Intention of online shoppers. The results are significant for CBs and VTOs, highlighting 

their importance in online shopping. The current research has helped in analyzing VTO and 

offers a holistic perspective of how this technology leads to customer satisfaction. 

 

Model development and Validation 

In summary, the theoretical implications of this research contribute to the refinement and 

extension of existing theoretical frameworks, offering a more nuanced understanding of the 

factors influencing behavioral intentions in online shopping contexts. 

 

5.3.2 Practical Implications for Industry practitioners and policy makers 
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The present study is very important for both online shoppers and retailers. Mobile payments 

are significant for the evolution of financial system in the country (Kumar and Chawla, 

2023). No doubt, digital monetary services improve access to debit and credit cards, in 

addition to an improved inclination for other digital payments, but how digital payment 

drivers influence online shopping behavior is still an under-researched area. Therefore, 

there is scope for theory and practice. The role of TI drivers of online shopping adds a new 

dimension to the existing literature. Further, the paper has brought about the importance of 

TI drivers in enhancing sustained intention. The findings confirm the importance of chatbot 

conversation (Liebrecht et al. (2020). Chatbots assist in the online purchase process as they 

improve experience (Hoyer et al. 2020). The key aim of the current research was to 

understand the impact of different drivers of online shopping on Behavioral Intention and 

further on Sustained Intention. Theoretical frameworks that incorporate Digital Payment 

Mode, Technology Interface, and UTAUT2 drivers provide valuable insights for industry 

practitioners and policymakers. Understanding the combined impact of these factors can 

lead to development of strategies to promote the adoption and acceptance of digital payment 

modes.  

 

The growth of e-commerce has brought many changes to the purchasing power of shoppers, 

as well as their payment modes. It is necessary to concentrate on promising technological 

changes in terms of the mode of payment. This research provides evidence of a strong 

impact of DPM drivers on online shoppers’ BI. Thus, Indian managers need to adopt DPM 

as a major support service to make online shopping a worthwhile experience. The study 

suggests that managers need to adopt chatbots and virtual try-on technology to enhance the 

shopping experience. Online retailers should design and manage chatbots by monitoring 

user involvement and giving due attention to time, tone of communication, and, of course, 

the quality of the information that is provided. Thus, this study is of practical use for online 

consumers as well as sellers to use the latest technology in payment modes and also to 

enhance the technology interface to add more flavor to online shopping. DPM and TI 

drivers help in enlarging the impact on BI. The results also reflect that BI needs to be 

translated into SI for the retention of online shoppers.  

By addressing these research implications, scholars can contribute to the knowledge base 

on improving satisfaction of online consumers and support evidence-based decision making 

for formulating strategies for online retail sector of India. 
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 5.4 Limitations and Future Research Orientations 

Ø Though research is exhaustive in nature, but it suffers from few limitations which 

provide the scope for future research. Firstly, as only respondents from Northern 

India were included. The results may be more applicable in countries that have 

similar demographics and cultures. Different organizational cultures, regional 

influences, or industry-specific factors may lead to variations in the relationships 

between drivers of online shopping and behavioral intention.  

Ø Hence, it is advisable to approach the generalization of the study's findings to 

diverse settings with caution. Despite meticulous efforts to establish a robust and 

unbiased research methodology, the current study is not immune to limitations. 

Some of the factors and item indicators examined, while empirically tested, are 

relatively recent and novel. Subsequent research endeavors could adopt a 

comparative analysis approach to discern variations in consumer responses across 

distinct countries. 

Ø This study has not incorporated control variables, presenting an opportunity for 

exploration in future research. Despite its limitations, this study offers a significant 

contribution to the field of online shopping literature. The research introduces a 

straightforward model that elucidates the impact of UTAUT2, Technology Interface 

(TI) drivers (specifically chatbots and virtual try-on technology), and Digital 

Payment Mode (DPM) drivers on the Behavioral Intention of online shoppers. 

Moving forward, there is potential for extending and testing the model in diverse 

countries to enhance its applicability. This research paper underscores the 

significance of UTAUT2 drivers in online shopping through practical research, 

employing a tailored UTAUT2 model with the inclusion of two novel variables. The 

exploration of the importance of Technology Interface (TI) and Digital Payment 

(DP) drivers as new variables opens avenues for further investigation in future 

research. 

Ø However, the results do reflect the need to improve performance in terms of TI 

drivers. This, according to (Baron and Kenny, 1986), is partial mediation. Thus, 

there is support that the hypothesized model is acceptable, but in the future, other 

variables may be included. Understanding the limitations associated with partial 

mediation is crucial for a nuanced interpretation of the study's contribution. One 

limitation of this partial mediation scenario is that the model might need to fully 
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capture the intricacies of the relationship between the studied variables. These 

unexplored factors could include service quality, gamification and E (word of 

mouth) not considered in the current study. Researchers may consider exploring 

additional variables or refining existing constructs to create a more comprehensive 

model. This could involve investigating aspects should have been covered in the 

current study.  

 

Future direction could focus on comparative studies across different regions, which may 

reveal how cultural factors influence drivers of online shopping and their impact on 

behavioral intention of the consumers. Understanding cross cultural differences can be 

valuable for designing context specific policies. Longitudinal studies could also be taken to 

track the changes in critical drivers of online shopping. These will provide more insights 

into the dynamics of online retailing, taking the framework of current study as a base. 

Personal recommendation by the websites could be taken as an additional construct in the 

future studies concerning behavioral intention of the online shoppers (Chakraborty et al. 

2022).  Such research can help online retailers understanding the long-term impact of such 

changes and plan the strategies accordingly. Future studies could also focus on new 

variables such as gamification and service quality. These new opportunities and challenges 

could act as catalysts and set new paths for undertaking research in this ever-emerging area.   

5.5 Conclusions 

The findings demonstrate an encouraging relationship between the drivers of online 

shopping and Behavioral Intention. Thus, this study contributes to the UTAUT2 theory. 

Overall, the model is acceptable and satisfactorily fulfills all the parameters. The results 

indicate that the DPM and TI drivers, as new drivers of online shopping, have enhanced the 

influence of online shopping. The study has established a relationship between behavioral 

intention and sustained intention. Though, the study's focus on northern states in Punjab 

may limit the generalizability to a certain extent, but as north India represents many states 

with different cultures, the study has wide implications. This study offers deep insights for 

research on online shoppers in a  digitally revolutionized world.  
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Annexure 1 

 
QUESTIONNAIRE 

A. Personal Information: 
 

1. Name:  2. Contact No.:                                    
(Optional) 
 

3. Location : 
o Punjab 
o Haryana 
o Himachal   

4. Area of Location : 
o Rural  
o Urban  

 
5. Gender:              

o Male  
o Female   

 

6. Age: 
o 18-30   
o 31 -45    
o 46 and above 

7. Educational qualification: 
o Under graduate 
o Graduate 
o Postgraduate 

 

8. Occupation:  
o Business 
o Salaried 
o Self employed 
o Student 

9. Annual Income in Rs: 
o Below Rs 5,00, 000    
o Rs 5,00,000 - 10,00,000 
o Above 10,00,000 

10. For how long you have been 
shopping on internet? 
o Less than 1 Year  
o 1-3 years  
o More than 3 years 

11. How many hours do you spend for 
online shopping in a week? 

o  Less than 1 Hour   
o 1-3 hour 
o More than 3 hours 

 

12. How many products have you actually 
purchased online in last 1 year? 

o Less than 5   
o 5-10 
o More than 10 

 
13. Which mode of payment do you prefer: 

o online banking  
o paytm /e-wallet company 
o pay on delivery 

 
 
  



 
 
 

97 

 
Please read each statement carefully and rate/ tick each statement according to the 1 
to 5 scale (strongly disagree to strongly agree). 
 

  Scale 

 B. Performance Expectancy      

1.  I find online shopping useful in my daily life. 1 2 3 4 5 
2.  Online shopping is more productive. 1 2 3 4 5 

3.  Online shopping provides wide assortment of products 
useful in my daily life. 

1 2 3 4 5 

4.  Online shopping helps me to find product information 
within the shortest time frame.  

1 2 3 4 5 

5.  While shopping on internet I can find some products that 
are not easily available in physical stores. 

1 2 3 4 5 

6.  Online shopping helps me in comparative analysis of   the 
similar products.  

1 2 3 4 5 

7.  Online shopping enables me to accomplish shopping 
more quickly than traditional stores. 

1 2 3 4 5 

8.  Shopping online takes less time from search of products 
to transaction. 

1 2 3 4 5 

9.  I can go in for online shopping 24*7. 1 2 3 4 5 
10.  I can go in for online shopping from anywhere using 

mobile apps.  
1 2 3 4 5 

11.  Online shopping provides options to choose from 
multiple brands. 

1 2 3 4 5 

12.  Online shopping enables me to accomplish shopping in 
an effective manner. 

1 2 3 4 5 

C. Effort Expectancy      

     1. Learning how to use online shopping is easy for me. 1 2 3 4 5 
2. My interaction with online shopping is clear and 

understandable. 
1 2 3 4 5 

3. I find online shopping easy to use. 1 2 3 4 5 
4. It is easy for me to become skilful at using online 

shopping. 
1 2 3 4 5 

5. The language used by online retailers is easy to 
understand. 

1 2 3 4 5 

6. Online shopping websites are easy to use 1 2 3 4 5 
7. Information provided by online retailers help me to 

purchase product. 
1 2 3 4 5 

D. Facilitating Conditions      
1. I have the resources necessary to use online shopping.  1 2 3 4 5 

2. I have the knowledge necessary to use online shopping.  1 2 3 4 5 

3. Online shopping is compatible with other technologies I 
use. 

1 2 3 4 5 
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4. I can get help from others when I have difficulties using 
online shopping. 

1 2 3 4 5 

E. Habit      

1. The use of online shopping has become a habit for me. 1 2 3 4 5 
2. I am addicted to online shopping.  1 2 3 4 5 

3. I must use online shopping. 1 2 3 4 5 
4. After using online shopping for the first time, it has 

become natural to me. 
1 2 3 4 5 

F. Social Influence      
1. People who are important to me think that I should go in 

for online shopping. 
1 2 3 4 5 

          
2. 

People who influence my behaviour think that I should 
go in for online shopping. 

1 2 3 4 5 

3. People whose opinions that I value prefer that I should 
go in for online shopping. 

1 2 3 4 5 

4. Feedback/Reviews of verified customers help me in 
locating the right product. 

1 2 3 4 5 

G. Hedonic Motivation      

1. Shopping online is an exciting experience for me. 1 2 3 4 5 
2. Shopping online is fun for me. 1 2 3 4 5 
3. Shopping online is enjoyable. 1 2 3 4 5 
4. Shopping online is very entertaining. 1 2 3 4 5 

H. Price Value      

1. At the current price, online shopping provides a good 
value for money. 

1 2 3 4 5 

2. Online products are reasonably priced. 1 2 3 4 5 
3. Online discounts and online promotions offered are often 

attractive which provide me value for money.  
1 2 3 4 5 

4. Free membership offered is often attractive and provide 
me value for money. 

1 2 3 4 5 

5. EMI options provide me value for money. 1 2 3 4 5 

6. Refund policy provides me value for money. 1 2 3 4 5 
i. Digital payment mode      

1. I prefer to buy through digital mode of payment. 1 2 3 4 5 

2. Digital is a reliable mode of payment while shopping 
online.  

1 2 3 4 5 

3. I plan to pay through digital mode of payment. 
 

1 2 3 4 5 

4. Digital mode of payment gives me confidence for future 
purchase of products. 

1 2 3 4 5 

5. I feel safe while using digital mode of payment in online 
shopping. 

1 2 3 4 5 

6. Digital mode protects my privacy.  1 2 3 4 5 
7. To increase trust in digital payments cyber security 

systems must be strengthened. 
1 2 3 4 5 
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8. I trust that the website will not   give my personal details 
to other websites without my permission. 

1 2 3 4 5 

9. The terms used for digital mode of payment are 
understandable. 

1 2 3 4 5 

10. More the surety about the product more the use of credit 
cards. 

1 2 3 4 5 

11. Reducing the cost of electronic transfer would act as 
catalyst for digital payment.          

1 2 3 4 5 

12. It becomes easier to make payment using Debit/Credit 
cards as details are already saved on the website. 

1 2 3 4 5 

13. Authentication through OTP ensures safety while 
making payment through digital mode of payment.  

1 2 3 4 5 

14. Recent Government of India directives to the banks 
regarding refund in case of misutilisation of funds 
motivate me to make payment through digital mode of 
payment. 

1 2 3 4 5 

J. Behavioral Intention      
1. I am satisfied with the product range offered by online 

retailers. 
1 2 3 4 5 

2. I am satisfied with the quality of products offered online. 1 2 3 4 5 
3. I am satisfied with the quality of products offered online. 1 2 3 4 5 
4. Online shopping is a satisfying experience as it offers 

customized products at my convenience. 
1 2 3 4 5 

K. Sustained intention      
1.  I intend to continue using online shopping in the future. 1 2 3 4 5 
2.  I will always try to use online shopping in the future. 1 2 3 4 5 
3.  I plan to continue using online shopping frequently. 1 2 3 4 5 

L. Chatbots      
1.  Chatbots help to vent out negative feelings 1 2 3 4 5 
2.  I like using chatbots for shopping. 1 2 3 4 5 
3.  Using chatbots for shopping is a good idea. 1 2 3 4 5 
4.  Using chatbots for shopping is a pleasant experience 1 2 3 4 5 

M. Virtual try-on      
1.  VTO engages us with passing time motive  1 2 3 4 5 
2.  VTO helps in mood management  1 2 3 4 5 

3.  VTO is important for me as it helps me to choose better 
products for myself 

1 2 3 4 5 

4.  VTO provides sufficient and accurate information about 
the product  

1 2 3 4 5 

 
 

 

 

 

 



 
 
 

100 

Annexure 2 
 
 
 LIST OF PUBLICATIONS 
 
 

S.NO Title of Paper, Name of the journal, year, 
Vol ,pp. 

Authors Impact factor in SSCI List 

1.  
Embedding Technology Interface and 
Digital Payment Drivers in the Unified 
Theory of Acceptance and Use of 
Technology 2 Model: Transforming 
Behavioral Intention to Sustained 
Intention ,Sustainability,15,13018 
 

 
Savita Gupta, 
Dr.Ravi Kiran and 
Dr. Rakesh Kumar 
Sharma  

 
*SSCI  
Impact Factor: 3.889 (2021); 
5-Year Impact Factor: 4.089 
(2021) 
 
MDPI 
 

2. Validating the role of digital payment 
mode as a new driver of  online 
shopping: A modified UTAUT2 model, 
Journal of Public Affairs, 22(2), 
e2434.  

Savita Gupta, 
Dr.Ravi Kiran and 
Dr. Rakesh Kumar 
Sharma 

Indexed in: 
Scopus 
ABDC Category B 
WOS impact factor 2.6 

 
 




